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l. Introduction and Executive Summary

A. Motivation of report

Most cities in the United States experience a wide range of household prosperity,
income, and wealth within their boundaries. In many cases, areas of low income and
affluence are concentrated in completely different areas of the city, with few economic
crosscurrents. As a result, low-income areas can become mired in slow or stagnant
growth relative to the high-income areas, playing a role in the long-term and persistent
wealth gaps between these groups, according to a 2014 Brookings report.

There are many reasons. In some cases, public transportation doesn’t connect people
to jobs. In addition, for those families with modest incomes desiring to own a home and
build wealth, there is an “acute shortage” of homes for sale, a result of restrictive land
use and zoning practices, according to a 2021 Harvard report (p. 11).

The primary goal of this report is to investigate another key challenge: the increasing
difficulty for individuals and families with modest incomes to secure financing for
inexpensive homes, even though they are qualified buyers. Fewer banks are offering
financing for so-called small-dollar homes, which we define as costing less than
$150,000, following the lead of The Pew Charitable Trusts’ most recent research on this
issue.

That leaves out thousands, if not millions, of potential U.S. homeowners from acquiring
these properties. As a report by New America points out, “homeownership is a key
component of building wealth in the United States: The average homeowner boasts a
net worth of $255,000, close to 40 times that of the average renter ($6,300).” Without
mortgage financing available at the lower end of the market, New America finds that
investors are increasingly purchasing these lower-end homes with cash.

A unique focus of this research is to investigate to what extent these national trends
play out in American cities. We explore three distinct cities that have many of these
socioeconomic divisions: Philadelphia, Pennsylvania; El Paso, Texas; and St. Louis,
Missouri. Within each city, we use statistical and mapping techniques to designate
neighborhoods as “Distressed,” “Affluent,” and “All Other.”

This framework acknowledges that economic development within a particular urban
area is far from uniform, especially when contrasting high-distress areas with affluent
ones. We find that one-size-fits-all housing policies may be inappropriate if an area of a
city labeled as “Distressed” has housing and economic trends that are completely in
contrast to areas labeled as “Affluent.”


https://www.brookings.edu/articles/the-growth-and-spread-of-concentrated-poverty-2000-to-2008-2012/
https://www.proquest.com/openview/b6ffd048a0c675c26dc25e0ca466486c/1?pq-origsite=gscholar&cbl=2044544
https://www.proquest.com/openview/b6ffd048a0c675c26dc25e0ca466486c/1?pq-origsite=gscholar&cbl=2044544
https://www.jchs.harvard.edu/sites/default/files/reports/files/Harvard_JCHS_State_Nations_Housing_2021.pdf
https://www.pewtrusts.org/en/research-and-analysis/issue-briefs/2023/06/small-mortgages-are-too-hard-to-get
https://www.newamerica.org/future-land-housing/reports/the-lending-hole-at-the-bottom-of-the-homeownership-market/the-lending-hole-at-the-bottom-of-the-market-small-dollar-mortgages/
https://www.newamerica.org/future-land-housing/blog/large-investor-activity-in-winston-salem-north-carolina/
https://www.newamerica.org/future-land-housing/blog/large-investor-activity-in-winston-salem-north-carolina/

B. Brief summary of research findings

Below are important findings that stem from our research, which we elaborate on in
more detail in Section Ill, using maps and figures to illustrate.

e As of 2022, there were still large numbers of owner-occupied homes assessed at
$150,000 or less in each of the three cities, particularly in Distressed areas.
However, the stock of low-cost homes declined from 2007 to 2022 due to home
price appreciation.t

e After the Great Recession, applications for and originations of small-dollar
mortgages dropped more dramatically than the stock of small-dollar homes
valued at $150,000 or less. These trends were more severe in Distressed areas
of Philadelphia and St. Louis, but less severe in Distressed areas of El Paso.

e Between 2007 and 2022, Distressed areas saw consistently higher levels of all-
cash purchases than Affluent areas despite residents there having lower incomes
and less wealth than the city as a whole. This finding suggests that investors are
more active in these markets. Consistent with this finding, rental housing began
to account for an increasingly large share of total occupied housing units in each
of the three cities during the study period.

e Nominal housing prices rose in nearly all Affluent and Distressed areas between
2007 and 2022. But while price growth in Affluent areas was consistent across
cities, price growth in Distressed areas varied widely, from -4 percent in St. Louis
to 175 percent in El Paso.

e Distressed communities in Philadelphia and El Paso experienced a rapid rise in
housing unaffordability between 2007 and 2022 as income growth lagged
housing price growth. In contrast, Affluent areas in these cities are becoming
more affordable using the same index.

e In all three cities, commute times to work are higher for residents of Distressed
communities than residents of Affluent communities, making it more difficult to
earn the income necessary to afford a home purchase.

L Property values come from the American Community Survey and are “owner-assessed,” which means
they represent an owner’s subjective valuation of their property. Although these valuations are often
correlated with market values or valuations established by commercial assessors, they may deviate
substantially from those values.



e Since 2017, technology access has sharply improved for residents of Distressed
communities, which can help residents better connect with opportunities in the
housing market. Also, educational attainment is improving for residents of
Distressed communities, which can help link them to better jobs and potentially
higher incomes.

C. Outline of report

In Section I, we discuss the methodology used to complete the data analysis. We first
discuss the rationale for choosing the three U.S. cities highlighted in this report. Next,
we describe the three primary datasets that underlie the analysis and explain how they
were merged to create a larger dataset from 2007 to 2022. (Far more detail of that
involved process is discussed in Appendix A.) We then explain the methodology for our
prosperity index, which is based on average poverty rates and share of housing units
assessed at under $150,000. This index is used to define Distressed and Affluent areas
of each city.

In Section Ill, we present and discuss the nine main findings of this analysis, using
graphs to illustrate notable patterns in small-dollar mortgage availability, affordability,
the influx of all-cash buyers, changes in renting vs. buying, and other socioeconomic
trends. Notably, the breakdown by the designated economic area yields insights that an
overall city analysis would miss.

Section IV presents overall conclusions from this project and summarizes the key
findings. It uses those findings to build a case for how one-size-fits-all public policies
may miss important trends if specific neighborhood trends are not analyzed separately.
What policies may work for an affluent community may be completely inappropriate for
a community in high economic distress, even if in both cases small-dollar homes are the
point of focus. This report’s method of investigating and analyzing cities as having
distinct neighborhood housing markets provides a key argument for flexible government
housing policies tailored around the needs of specific geographic and socioeconomic
areas. Last, we provide policy suggestions, limitations of the research, and suggestions
for future research.

Appendix A gives a more in-depth methodology of the way the three datasets were
merged and explains how census tracts are defined over time. Appendices B, C, and D
provide more detailed data for El Paso, Philadelphia, and St. Louis. A full account of all
the socioeconomic variables from the ACS, HMDA, and CoreLogic datasets is included,
reporting on changes in a multitude of housing and socioeconomic variables, comparing
2007 to 2022, broken down by our definitions of Distressed, Affluent, and All Other



neighborhoods. Appendix E provides additional maps on population, income, and loan
applications for each city for informational purposes. Last, Appendix F provides an
example of how these findings help to challenge basic assumptions about the small-
dollar housing stock, mortgage markets, and economic growth, using St. Louis as an
example.

Il. Data and Methodological Overview

A. Rationale for choosing the three cities

The Pew Charitable Trusts selected the cities included in this report after a review of
national data on mortgage origination trends. Using data from the Home Mortgage
Disclosure Act (HMDA), Pew identified metropolitan areas where the inflation-adjusted
decline in small mortgage originations exceeded the national average between 2004
and 2021. Pew adjusted for inflation using the Zillow Home Value Index (ZHVI) for each
metropolitan area.

From the group of metropolitan areas with a steep decline in small mortgage
originations, Pew gave preference to areas whose central city population exceeds
250,000 residents. This was done to ensure that researchers would be able to find
enough interviewees for the qualitative portion of this analysis. Pew also sought out
cities in geographically different parts of the country, ultimately selecting one in the
Northeast, one in the Midwest, and one in the Southwest. Pew chose Philadelphia, St.
Louis, and El Paso, respectively.

B. Brief description of the three city datasets

Our goal with this project was to merge data from the American Community Survey,
CorelLogic, and HMDA at the census tract level rather than a county approach for each
chosen city. This more granular level of data is necessary to investigate trends and
comparisons for our designated areas of the city, because in this report groups of
census tracts are pieced together to form comparison units, that is, designated areas of
Distressed, Affluent, and All Other income. However, because census tracts sometimes
change their borders over time, this presented additional potential problems which we
tackled using a process described in Appendix A to facilitate the merge. We included
the years 2007-2022 where possible, as that allowed us to study pre- and post-Great
Recession years (2008-2010), since a number of banking regulations occurred in its
wake that have affected small-dollar mortgages.



1) American Community Survey

The U.S. Census Bureau’s American Community Survey (ACS) does five-year
demographic surveys that are administered by the U.S. Census Bureau. The data is
freely available for the years 2009 to 2022. For the years 2007 and 2008, we estimate
using a simple linear model based on later years. Owner-assessed housing prices come
from the ACS, with more detail on those estimates provided in Appendix A, along with a
host of socioeconomic variables at the census tract level.

2) CoreLogic

CorelLogic data provides nationwide real estate transaction and property-related data.
CoreLogic Inc. is a for-profit database management company that provides financial,
property, and consumer information, analytics, and business intelligence. The datasets
and products created by CoreLogic are of excellent quality, validated not only by
CorelLogic’s team of data scientists, but also by their team of economists, who
specifically validate data from the perspective of researchers. An additional benefit of
CoreLogic has to do with tracking investor activity. CoreLogic provides data on all home
transactions, regardless of whether the purchase was made with a mortgage or
completed with cash only. We purchased the data for use for the years 2007-2022 for
the three cities under study.

3) Home Mortgage Disclosure Act

Home Mortgage Disclosure Act (HMDA) data is loan application-level data on
mortgages reported by eligible lending institutions. Data is freely available for the years
2007-2022. Home mortgage data comes from HMDA to analyze trends in mortgage
loan applications, denials, and origination levels and rates. Data was also used to
analyze trends regarding home improvement loans.

C. Overview of merged dataset

In order to complete the analyses by census tract, the data from all three sources must
be merged at the level of the census tract-year. One issue is whether the census tracts
have the same shape at the same time frame. For example, in the ACS data, the year
2009 uses 2000 census tract boundaries. For the years 2010-2019, it uses the 2010
boundaries. For the years 2020 and 2021, it uses the 2020 boundaries. In the HMDA
data, similar challenges occur regarding changing boundaries, which are outlined in the
supplemental section. In the CoreLogic data, the census tract identifiers follow the 2020
boundaries, so there are fewer challenges. To overcome these hurdles, the census
tracts need to be standardized, so that a merge can create the unit of observation,
which is the census tract-year. For the census tracts that change borders over time, the



process of creating a standardized measurement for a merged dataset is reported in
much greater detail in Appendix A.

D. Other challenges with the data

Other challenges include that HMDA data is not uniformly collected across all
institutions, which could result in unrepresentative estimates. This stems from 2018
federal legislation that exempted certain smaller lending institutions and credit unions
from reporting all data, in what is known as a partial exemption. However, according to
a 2021 GAO report, HMDA data still captures almost 90 percent of all lending data. The
lenders that do qualify for exemptions account for a small amount of all loans, according
to the report. This means our statistical findings will be fairly robust along these lines.

The quality of the data is very high. There are very few cases that have missing data
with an associated census tract in either CoreLogic or HMDA data. Our records indicate
0.01 percent or fewer cases are missing records, on average, between 2007 and 2022
in HMDA data with originated purchase loans for primary residences. There is
sometimes miscoded or misaligned information. In one case a decimal system is used,
and in another FIPS codes are used. These must be reformatted to make them
consistent.

Our CorelLogic and HMDA data range from 2007 to 2022, but our ACS data ranges only
from 2009 to 2022, since we use the last year in the five-year range as the
representative year. To backfill the tract-level series, we linearly extrapolated the trends
where necessary.

Regarding demographic definitions of race, the classification of who is White and who is
Black has remained stable over time, even as other racial classifications have
broadened, such as Asian categories. Thus, we do not expect methodological problems
around racial classification at the level of the census tract.

Last, the COVID-19 pandemic may present some challenges in both direct behavioral
changes and impact on data collection and surveying. These two potential issues could
impact our data in unforeseen ways. Drops in lending during the pandemic may be
affected along socioeconomic lines that are unrelated to a regulatory environment.
However, the vast majority of years in this dataset occurred prior to these two years.


https://www.gao.gov/assets/gao-21-350.pdf

E. Summary of key housing data and sources

Since we obtain information on housing data from different sources for use in our
analysis, here is a quick summary of where each of the important variables is found and
a summary description:

Table 1.
Description of variables Data source
Owner-assessed housing values, by year American Community Survey
and census tract 5-Year Population Estimates

Average nominal sales price of houses, by
census tract and year

CorelLogic
Whether a purchase was made using cash
or a mortgage, by census tract and year

Mortgage applications, originations, and

. Home Mortgage Disclosure Act
denials, by census tract and year gag

F. Selecting designated areas of comparison

1) Creation of prosperity index with maps for each city

We categorized sections of each city into three categories. The first category designates
the city’s Distressed Area, the second designates the Affluent Area, and the third
category contains the remainder of the city, or All Other Income. The following steps
were taken: Using ACS data, the poverty rate and the percentage of homes assessed
under $150,000 were averaged in order to create a simple prosperity index that varied
by the census tract using the formula below:

For each census tract in the year 2012,

Prosperity Index = (Poverty rate + Percentage of homes assessed under $150,000)
2

The year 2012 was chosen because it marks a decade earlier than the end of the time-
series data (2022) for this project and served as a good baseline for choosing the
designated areas. The reason for using both of these variables was to capture both the
state of the housing market as well as the level of income in the area. Potentially, there
could be an area with low income, such as retirees, but where residents were not in



poverty. In practice, we examined Datawrapper maps with each variable separately and
found a very high level of correlation between the two.

Using the prosperity index, we created a Datawrapper map? for each of the three cities
in order to investigate and decide upon the designated comparison areas. As seen on
the maps below, dark blue signified higher prosperity (both lower poverty and more
expensive homes), whereas dark red was lower prosperity (higher poverty and less
expensive homes). Intermediate areas had a mix of more neutral tones.

Figure 1.

El Paso 2012 Prosperity Index: Household Poverty Rates and Percentage of Homes Valued Under $150k

Note: Higher prosperity is darker blue and lower prosperity is darker red.
https://www.datawrapper.de/ /idwB7/

2 Datawrapper is a free proprietary software that enables creative visualization using trendlines, maps, and
scatterplots. We used it throughout this report to clearly explicate trends among and within cities far better than
traditional charts used by Excel or other statistical software. The software is found at datawrapper.de. Data for these
maps comes from American Community Survey (ACS) 2012 5-year estimates.


https://www.datawrapper.de/_/idwB7/
http://datawrapper.de/

Figure 2.

Philadelphia 2012 Prosperity Index; Household Poverty Rates and
Percentage of Homes Valued Under $150k
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Note: Higher prosperity is darker blue and lower prosperity is darker red.

https://www.datawrapper.de/ /9JPQ9/

Figure 3.

St. Louis 2012 Prosperity Index. Household Poverty Rates
and Percentage of Homes Valued Under $150k
0 100
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-
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é

Note: Higher prosperity is darker blue and lower prosperity is darker red.
https://www.datawrapper.de/_/o5Cic/
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https://www.datawrapper.de/_/9JPQ9/
https://www.datawrapper.de/_/o5Cic/

2) Formulation of contiguous areas based on prosperity index

In conjunction with the Pew Charitable Trusts team, contiguous areas within each city
were selected to represent the following comparison zones: Distressed, Affluent, and All
Other. The new areas were uniformly color-coded in three solid colors, as opposed to
the continuous values and colors generated by the prosperity index. Contiguous areas
of mostly red (high poverty) and mostly blue (affluent) were the central comparison
groups in each city. These maps are seen below. All other tracts (those that were not
designated Distressed nor Affluent) were placed into the category of All Other. Those
three discrete categories were then coded in our dataset for each census tract, serving
as the crux for the analysis that would follow for graphs and tables.

Figure 4. El Paso category map for report analysis

Distress Categorization for El Paso County Census Tracts in 2012
D e . - o

https://datawrapper.dwcdn.net/0b0Uqg/9/

Note for statistical categories: Distressed (light red), Affluent (dark blue) and All Other (light blue)

11


https://datawrapper.dwcdn.net/0b0Ug/9/

Figure 5. Philadelphia category map for report analysis

Distress Categorization for Philadelphia Census Tracts in 2012

I pistressed Area [l All Other Areas [l Affluent Area

https://www.datawrapper.de/_/Qrhwc/?v=8

Note for statistical categories: Distressed (light red), Affluent (dark blue) and All Other (light blue)

12


https://www.datawrapper.de/_/Qrhwc/?v=8

Figure 6. St. Louis category map for report analysis

Distress Categorization for St. Louis Census Tracts in 2012

Distressed Area All other areas [l Affluent Area

Note: The City of 5t. Louis is self-governing and
not technically part of any county, though itis
considered its own county in census estimates.

https://www.datawrapper.de/ /wgoun/

Note for statistical categories: Distressed (light red), Affluent (dark blue) and All Other (light blue)

lll. Key Findings from Philadelphia, El Paso, and St. Louis

This section identifies significant trends and patterns that potentially link a drop in
accessibility to small-dollar mortgages between 2007 and 2022 to an increase in all-
cash purchases and a subsequent drop in the amount of owner-occupied housing. Note
this is a descriptive, not a causal, analysis. In addition, despite home prices appreciating
over the years, there are still large numbers of small-dollar homes (defined as an
assessed value of less than $150,000 for this project) across all three cities.

13



Using the methodology discussed earlier, we segment these statistical trends based on
different areas of the city that we identified as “Distressed,” “Affluent,” and “All Other”
areas in the maps described above. We also track nominal housing prices over time,
identifying significantly different trends based on the area. We have also created an
affordability index that indicates the approximate time needed to buy an average-priced
house for sale at prevailing wages within each segment of the respective city. We find
that each of the three cities has a unique story to tell, yet there are significant underlying
trends that speak to rising difficulty in access to small-dollar mortgages, particularly in
the most distressed areas of the cities.

In addition, we track some interesting trends across the three cities with regard to
technology access and education, again segmenting by the designated areas of the
city. We find heartening trends in improved technology access in the most distressed
areas, along with a lower stock of residents with less than a high school education.

Here are nine findings from this analysis that are most striking, though dozens of other
variables remain of interest that are reported later in Appendices B, C, and D for El
Paso, Philadelphia, and St. Louis, respectively. Live links to the Datawrapper figures are
also included.

A. Plenty of owner-occupied small-dollar homes remain, with a high
concentration in Distressed areas of each city.

Despite rising home prices across the country in recent years, in 2022 there were still
plenty of owner-occupied small-dollar homes assessed at $150,000 or less in these
three urban areas.?

As seen in the maps below, there is a marked correspondence between areas of
distress and areas with a high concentration of sub-$150,000 homes. Distressed areas
are marked in a peach color in the first map. The second map shows the concentration
of small-dollar (sub-$150,000) homes, and darker blue areas denote an increasing
concentration of these homes. For Philadelphia and particularly St. Louis, the two areas
jump out as highly correlated and distinct from the rest of the city.

3 Note that for these properties, the values come from the American Community Survey and are owner-
assessed. Thus, they represent a subjective value that is highly correlated with market values or
commercial assessors’ values, but may deviate from those values.

14



Figure 7. Comparisons of distress categorizations to owner-occupied housing
stock under $150,000 for El Paso, Philadelphia, and St. Louis.

Distress Categorization for El Paso County Census Tracts in 2012

Distressed Area all Other Areas [l Afluent Area

.

“Anthony

= -

Map: Craig J. Richardson Consuting, LLC + Source: American Communi

https://datawrapper.dwcdn.net/UAru6/2

Percentage of the Owner-Occupied Housing Stock Valued Under $150k in El Paso County Census Tracts in
2012

0

https://datawrapper.dwcdn.net/CJEe5/2/
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https://datawrapper.dwcdn.net/UAru6/2/
https://datawrapper.dwcdn.net/CJEe5/2/

Distress Categorization for Philadelphia Census Tracts in 2012

[ Distressed Area [ All Other Areas [ Affluent Area

Percentage of the Owner-Occupied Housing Stock Valued
Under $150k in Philadelphia County Census Tracts in 2012

o ico

Map: Craig J. Richardson Consulting, LLC - Source: American Commurnity Survey (ACS) 2012 5-Year Estimates - Get the
data - Created with Datawrapper

—

https://datawrapper.dwcdn.net/2UB93/2/
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https://datawrapper.dwcdn.net/2UB93/2/

Distress Categorization for St. Louis Census Tracts in 2012

Distressed Area All Other Areas [l Affluent Area

Note: The City of St. Louis is self-governing and
nottechnically part of any county, though itis
considered its own county in census estimates.

Percentage of the Owner-Occupied Housing Stock Valued
Under $150k in St. Louis Census Tracts in 2012

B |
0 100

https://www.datawrapper.de/ /StIRe/
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https://www.datawrapper.de/_/StIRe/

B. After the Great Recession of 2008-10, small-dollar mortgage applications and
originations dropped dramatically. The severity of the trends was generally
higher in Distressed areas of Philadelphia and St. Louis.

With the exception of El Paso’s Distressed areas, applications and originations for
small-dollar mortgages experienced a severe drop across all three cities’ designated
areas since 2007 and have never recovered since the 2008-10 Great Recession.
Focusing on Philadelphia and St. Louis, Distressed areas exhibited severe drops in
mortgage loan applications, with St. Louis falling close to zero by 2010. In Affluent
areas, these small-dollar mortgage loans dropped by about half to two-thirds by 2009,
but after that remained more or less steady until 2016. After 2016, small-dollar
mortgage applications began trending downward again in Affluent areas, perhaps this
time driven by steady housing appreciation that made $150,000 homes more scarce.

One potential reason for the sharp drop in small-dollar lending is that the 2010 Dodd-
Frank Act’s new banking regulations have been documented to make small-dollar
mortgages relatively more expensive to process than larger loans. This is due to a rise
in fixed processing costs per loan and caps on banking fees for smaller loans. For many
banks, these smaller loans are not worth the effort to issue. Other evidence suggests
that low-cost homes are more likely to have structural deficiencies that result in higher
loan denial rates and that sellers prefer all-cash buyers. It is not yet known why only El
Paso’s Distressed area had the opposite trend until 2020, but the small number of
mortgages in each tract could quickly change if there was rapid gentrification or
neighborhood investment.

Post-2010, those downward trends may have accelerated in Distressed areas if poverty
was also becoming increasingly concentrated, a trend that has been documented by the
Brookings Institution to be a national trend across many cities, leading to more homes
falling into disrepair and thus being less likely to be attractive to lenders. Particularly in
St. Louis, where nominal housing prices have been falling over the study period (see
[11.D), this is a likely bellwether for increasing concentration of poverty.

Mortgage denials have followed a similar trend. This latter trend could be occurring
because of potential applicants being steered or dissuaded from applying unless they
have particularly strong credit histories or additional help with financing. Since a
mortgage denial reflects lost resources of time and money on the part of lending
institutions, they have incentives to keep denial rates as low as possible. Lending
practices tend to evolve over time as banks acquire new ways to assess risk on the part
of traditionally higher-risk applicants. This finding is consistent with earlier research that
demonstrated that real denial rates are higher for small-dollar mortgages.

18


https://academic.oup.com/rfs/article-abstract/35/1/482/6136188
https://academic.oup.com/rfs/article-abstract/35/1/482/6136188
https://ideas.repec.org/a/kap/pubcho/v197y2023i3d10.1007_s11127-023-01084-7.html
https://ideas.repec.org/a/kap/pubcho/v197y2023i3d10.1007_s11127-023-01084-7.html
https://www.pewtrusts.org/en/research-and-analysis/issue-briefs/2023/06/small-mortgages-are-too-hard-to-get
https://www.pewtrusts.org/en/research-and-analysis/issue-briefs/2023/06/small-mortgages-are-too-hard-to-get
https://www.brookings.edu/articles/the-growth-and-spread-of-concentrated-poverty-2000-to-2008-2012/
https://www.urban.org/sites/default/files/publication/98823/real_denial_rates_1.pdf

Figure 8. Small-dollar mortgage applications in Affluent and Distressed areas

Mortgage Loan Applications for < $150k

Total number of completed purchase loan applications for less than 5150k in El Paso, Philadelphia, and 5t. Louis from 2007 to 2022

Distressed Affluent Overall
300 1,500 9,300
EL PASD
200 1,000 6,200
100 500 3100
1] 0 o
2007 2010 2013 2016 2019 2022 2007 2010 2013 2016 2019 2022 2007 200 2013 2016 2019 2022
Distressed Affluent Overall
2,100 720 13.000
PHILADELFHIA
1.400 480 10,000
700 240 3,000
0 0 0
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Distressed Affluent Overall
1.200 2700 4,800
ST, LOUIS
800 1.800 3,200
400 Q00 1,600
0 0 [v]
2007 2010 2013 2016 2019 2022 2007 2010 2013 2016 2019 2022 2007 200 2013 2016 2019 2022
Chart: Craig J. Richardson Consulting, LLE - Source: Home Mortgage Disclosure Act - Created with Datawrapper

https://www.datawrapper.de/_/y4lV2/

19


https://www.datawrapper.de/_/y4lV2/

Figure 9. Small-dollar mortgage originations in Affluent and Distressed areas

Originated Mortgage Loan Applications for < $150k

Total number of completed purchase loan applications that were criginated for less than 5150k in El Paso, Philadelphia, and 5t. Louis

from 2007 to0 2022
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Chart: Creig J. Richardson Consulting, LLC - Source: Home Mortgage Disclosure Act - Created with Datawrapper

https://datawrapper.dwcdn.net/PAenu/3/
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Figure 10. Small-dollar mortgage denials in Affluent and Distressed areas

Denied Mortgage Loan Applications for < $150k

Total number of completed purchase loan applications that were denied for less than 5150k in El Paso, Philadelphia, and St. Louis from
2007 to 2022
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C. Distressed areas see consistently higher levels of all-cash buyers than Affluent
areas, particularly in St. Louis.

Between 2009 and 2019, originations for small-dollar mortgages across the U.S. fell
precipitously. Those loans between $10,000 and $70,000 dropped by 38 percent and
loans between $70,000 and $150,000 fell 26 percent. In contrast, originations for loans
exceeding $150,000 rose by 65 percent. Three-quarters of homes costing more than
$100,000 were purchased with the help of a mortgage loan in 2019, whereas only 23
percent of homes below $100,000 were purchased with a mortgage loan. In many
cases, investors and all-cash buyers purchase and flip these homes for a profit or use
them for rental income. Our data on Philadelphia and St. Louis underscores that trend
where Distressed areas, dominated by homes assessed at $150,000 and below, are
seeing the largest trends toward all-cash purchases.
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This suggests stark differences in lending opportunities for applicants based on
socioeconomic status and wealth. In addition, in Philadelphia and St. Louis the trends
are widening over time, while remaining constant in El Paso. Little change in financing
has occurred in the Affluent areas, suggesting that access to financing options differs
according to mortgage size, socioeconomic status, and wealth. In El Paso, there was
little change in the trend, though the levels of purchases with cash are higher in
Distressed areas.

Distressed areas have more small-dollar homes, and the increase in all-cash purchases
is likely a response to the increased regulatory costs and lower lender profits on small-
dollar mortgages, as discussed earlier. The largest increase has occurred in St. Louis,
which has moved to nearly exclusively cash purchases in Distressed areas of the city.
Notably, St. Louis has the most severe demarcation between the Affluent and
Distressed areas of the city, as seen previously in Section Il, C (p. 13).

Figure 11: El Paso.

Percentage of Purchases Made in Cash vs. Mortgage

Percentage of purchased homes bought with cash or a mortgage in El Paso County from 2007 to 2022
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Figure 12: Philadelphia.

Percentage of Purchases Made in Cash vs. Mortgage

Percentage of purchased homes bought with cash or a mortgage in Philadelphia County, PA from 2007 to 2022
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Figure 13: St. Louis.

Percentage of Purchases Made in Cash vs. Mortgage

Percentage of purchased homes bought with cash or a mortgage in St. Louis from 2007 to 2022
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D. Owner-occupied housing under $150,000 is becoming less common.

Not surprisingly, with the increase in cash-financed purchases of small-dollar homes,
owner-occupied housing in the lowest price range (self-assessed at less than $150,000)
is falling steadily since 2007, driven by home appreciation as well as greater difficulties
in mortgage financing in this price range, as seen previously. Despite having large
numbers of homes in the sub-$150,000 range in 2022, all three cities have seen notable
drops in this range of owner-occupied homes between 2007 and 2022. The steepness
of these drops also varies by whether it is Affluent or Distressed. El Paso’s Affluent area
saw dramatic drops, with less than 20 percent of its housing stock in the sub-$150,000
range by 2022, compared to nearly 50 percent in 2007. Similar trends occurred for
Philadelphia and St. Louis in the affluent areas. Distressed areas in all three cities saw
less steep declines, and all had 50 percent or more of the housing stock valued at
$150,000 or below by 2022.

Figure 14. El Paso, Philadelphia and St. Louis
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E. Housing in Distressed areas of all three cities is increasingly occupied by
renters rather than owners, regardless of value.

Examining all occupied housing in Distressed areas regardless of assessed value, one
can see that renters are taking an increasing share of housing stock from 2007 to 2022.
Although EIl Paso’s Distressed area has starkly higher levels of owner-occupied housing
than the other two cities’, with nearly 88 percent in 2007, the levels fell to 77 percent by
2022 as rental occupancy rates increased. In Philadelphia’s Distressed area, owner-
occupied housing was 55 percent in 2007, falling seven percentage points to 48 percent
by 2022. Lastly, St. Louis’ Distressed area had a nearly 50-50 split between renter and
owner-occupied housing in 2007, but by 2022 renter-occupied housing made up 56
percent, with 44 percent left as owner-occupied housing. These changes can at least
partially be explained by the dearth of access to small-dollar mortgage loans, as seen
earlier.

Figure 15. Change in renter-occupied and owner-occupied housing share in El
Paso
El Paso Distressed Area:
Changes in Percentage of Owner to Renter-Occupied Housing, 2007 vs. 2022
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Figure 16. Change in renter-occupied and owner-occupied housing share in
Philadelphia

Philadelphia Distressed Area:
Changes in Percentage of Owner and Renter Occupied Housing, 2007-2022
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Figure 17. Change in renter-occupied and owner-occupied housing share in St.
Louis

St. Louis Distressed Area:
Changes in Percentage of Owner and Renter-Occupied Housing, 2007 vs. 2022
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F. Nominal housing prices have been rising in nearly all areas between 2007 and
2022, but Distressed areas have had sharply different price trends depending on
the city. Nominal housing prices in Affluent areas are more uniformly increasing.

Nominal housing prices have been rising in nearly all areas between 2007 and 2022,
but Distressed areas have had sharply different price trends, depending on the city.
Nominal housing prices in Affluent areas are more uniformly increasing. Distressed
areas have had sharply different rates of price changes between 2007 and 2022,
depending on the city, ranging from -4 percent in St. Louis, 99 percent in Philadelphia
and 175 percent in El Paso. On the other hand, nominal housing prices in Affluent areas
across all three cities have risen at more consistent rates over the same time period,
hovering between 33 and 35 percent, as seen in Table 2 below. Each change is likely
due to local market conditions. These could be caused by differences in investment
patterns, city planning, residuals of past structural racism in lending policies (i.e.,
redlining), and other factors. In addition, as home prices rise more quickly in Affluent
areas, this inevitably leaves fewer properties priced at less than $150,000.

Figure 18. Change in nominal house prices in El Paso
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Note: Average nominal housing prices were estimated using CorelLogic data that comes from houses sold in that calendar year in
that designated area.
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Figure 19. Change in nominal house prices in Philadelphia

$450,000

$400,000

$350,000

$300,000

$250,000

$200,000

NOMINAL HOUSING PRICES

$150,000

$100,000

$50,000

$0

Philadelphia: Nominal Market Prices, 2007-2022,
Across Different Areas of the City

$389,624
Designated
Affluent Area
$296,711
$261,216 All Other Area Entire Area
RS $174,690
Designated High
Stress Area , $127,448
$64,180

2007 2022 2007 2022 2007 2022 2007 2022

5$286,936

Note. Average nominal housing prices were estimated using CoreLogic data that comes from houses sold in that calendar year in
that designated area.

Figure 20. Change in nominal house prices in St. Louis
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Table 2. Change in house prices in El Paso, Philadelphia, and St. Louis

Changes in Housing Prices: El Paso, Philadelphia, and St. Louis (2007-2022)

Average Nominal Housing Prices, by Designated Area

Nominal Housing Prices, Percent Change (2007-2022) High Distress Affluent All Other
City High Distress Affluent All Other 2007 2022 2007 2022 2007 2022
El Paso 175.7% 35.0% 55.9% $62,497 $172,321 $227,189 $349,623 $141,384 5220,394
Philadelphia 98.6% 33.0% 66.1% $64,180 $127,448 $261,216 $389,624 $178,589 5$296,711
St. Louis -4.1% 33.8% 44.0% $54,655 $52,441 $163,754 $247,320  $92,777 $133,606

Note: Average nominal housing prices were estimated using CoreLogic data that comes from houses that were sold in that calendar
year in that designated area.

G. Between 2007 and 2022, Philadelphia’s and El Paso’s Distressed communities
saw a rapid rise in housing unaffordability as income gains lagged behind
housing price growth. For those cities’ Affluent areas, on the other hand, housing
affordability has increased. St. Louis had greater affordability across all areas
over the same time span.

To track housing affordability, we created an index that captures the simultaneous effect
of changing house prices and changing incomes over time, in the area that people live,
similar to Harvard University’s Joint Center for Housing Studies’ Home Price to Income
Ratio method. This gives a sense of purchasing power of buying a house in one’s
neighborhood, working at prevailing incomes in the same neighborhood.

We do that by taking the average price of homes for sale in a given area using
CoreLogic data (Distressed or Affluent) and dividing it by the per capita income in the
same area using ACS data. This indicates trends in whether one needs to work a longer
or shorter time to buy a house, given the prevailing wages in the designated areas of
the city.

Housing Affordability Index for Distressed or Affluent area in year |,

= Average selling price of homes

Per capita income

A higher index number usually indicates that the home prices are rising faster than per
capita incomes in the respective area of interest, making these homes more
unaffordable for the residents in that area. For both Philadelphia and El Paso, only
Distressed areas are seeing a rise in the index, meaning that homes are becoming
more unaffordable for those living in the lowest-income areas of the city. The Affluent
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and All Other areas are seeing per capita incomes rise faster than median home prices,
making these areas more affordable from 2007 to 2022 for those who reside in the
respective areas.

St. Louis is the only city seeing increasing housing affordability across the board in
terms of purchasing power of residents, since wages rose much faster than housing
prices. However, despite Distressed areas of St. Louis having rising housing
affordability, this is caused by falling nominal housing prices, a potential sign of a
stagnating local economy. This makes homes even more affordable but may be
indicative of serious challenges in these areas. The underlying reasons for falling home
prices can generally come from a fall in demand and/or a rise in supply of housing. In
the case of St. Louis, declining home prices will mean that existing homeowners in
Distressed areas are seeing a steady erosion of their wealth, exacerbating existing
wealth gaps. It may also mean these homeowners are trapped in their homes, unable to
sell because the value of the home is less than what they owe the bank. This can
accelerate existing trends toward the concentration of poverty in Distressed areas.
Thus, housing affordability should not be seen as an unalloyed positive phenomenon in
every instance.

In sum, in cities where incomes rise at a faster rate than housing prices, this is
indicative of a healthy and thriving economy that allows for a simultaneous building of
household wealth and retains accessibility to the housing market.

Figure 21. Housing affordability index in El Paso
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Note: Average nominal housing prices were estimated using CoreLogic data that comes from houses sold in that calendar year in

that designated area, while income per capita comes from the ACS five-year estimates.

Figure 22. Housing affordability index in Philadelphia
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Figure 23. Housing affordability index in St. Louis
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Note: Average nominal housing prices were estimated using CorelLogic data that comes from houses sold in that calendar year in
that designated area, while income per capita comes from the ACS five-year estimates.

H. Commute times to work are far higher for residents of Distressed communities
vs. Affluent communities for all three cities.

The link between easy access to work and housing affordability is not always made
explicit. However, if lower income individuals are commuting long hours by bus, and
taking only jobs that exist along bus routes, their opportunities to save and invest will be
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sharply lower than if they could easily walk or ride a bicycle to work, as noted by
Richardson (2019).

For those in Distressed communities, long commutes of over one hour occur for around
10 percent of El Paso residents, 17 percent for Philadelphia residents and 10 percent
for St. Louis residents. This will exacerbate long-term trends in widening gaps between
the poor, the middle-class, and the wealthy, since a vehicle becomes the necessary
(and relatively expensive) key to access the economic network. Commute times are on
a slight downward trend in distressed communities, perhaps reflecting improved public
transit or wider roads.

As aptly noted in a 2019 Pew Charitable Trusts report on Philadelphia’s public
transportation network:

“Low-paying jobs, however, are dispersed throughout the city and the region. As a result, many low-
income riders must make one or more transfers to get to work, incurring additional charges if the fare is
paid in cash or with funds preloaded on smart cards, or they must make more expensive trips on
Philadelphia’s commuter rail system, known as Regional Rail. The areas in Philadelphia where costlier
trips hit the hardest are those where incomes are low, many households do not have cars, and using
SEPTA to get fo work requires one or more transfers.”

Figure 24. Commuters with commutes over one hour
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I. Social trends: Since 2017, technology access has sharply improved for
residents of distressed communities. These trends may be because of falling
smartphone prices, greater access to free wireless networks, and eligibility for
inexpensive Android phones through the Lifeline Program, which also subsidizes
broadband internet access.

This can only improve access to better housing even in tight housing markets for low-
income earners. Better technology and internet access means better access to
knowledge of mortgage lenders and competitive interest rates, affordable housing
options in designated neighborhoods, and government agencies that offer financial
literacy classes around home affordability.

Figure 25. Share of households with a smartphone
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Educational attainment is improving for more residents of Distressed communities. The
percentage of the population age 25 and up that has less than a high school education
is decreasing, with the largest decreases in Distressed areas of all three cities.

On the other hand, a small fraction of residents aged 25 and up in Distressed areas get
more than a four-year degree, in contrast to rising numbers in Affluent areas since
2007. Higher educational attainment can lead to higher incomes, enabling individuals
and families to better keep up with rising home prices.

Figure 26.

Less than High School Education

Percentage of the population, 25 years old and up, with less than a high school level education in El Paso, Philadelphia,
and St. Louis from 2007 to 2022
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Figure 27. Adult population with more than a four-year degree
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V. Conclusion

A. Summary of findings

Despite rising home prices, there were still plenty of owner-occupied homes assessed
at $150,000 or less in Philadelphia, St. Louis, and El Paso in 2022. This was patrticularly
true in Distressed areas of those cities.*

Thus, the severe drop in small-dollar mortgage applications and originations after 2008
cannot be explained solely by a decline in the stock of small-dollar housing valued at
$150,000 or less. More likely, the Great Recession and the more onerous banking
regulations instituted by the 2010 Dodd-Frank Act made these smaller mortgages
unprofitable for most lenders. In addition, for large institutions who can spread those
costs out over more loans, their business decisions about paying large sums for top
brokers also makes those loans unprofitable. Even if they could charge what they
wanted in points and fees, it still doesn’t make it worth the time relative to larger loans.

Since then, all-cash buyers have entered into Distressed areas, buying up a greater
proportion of small-dollar homes.

In all three cities, there was a slow but steady rise in the percentage of renter-occupied
housing in Distressed areas from 2007 to 2022. The share of households that rent in El
Paso’s rose more than 10 percentage points, from 12.4 percent to 22.8 percent.
Philadelphia’s renter share rose from 45.1 percent to 51.7 percent, a 6.6 percentage
point change. Lastly, St. Louis saw its rental share move from 49.9 percent to 56.3
percent over the same time period. In the cities’ Affluent areas, there was a similarly
slow but steady increases in the rates of renter-occupied housing over the same time
period.

Nominal house prices rose in nearly all areas of the three cities between 2007 and
2022. But price growth varied in Distressed areas depending on the city, ranging from -4
percent in St. Louis to 175 percent in El Paso. Meanwhile, nominal housing prices in
Affluent areas rose at more consistent rates over the same time period, hovering
between 33 and 35 percent over the study period.

With both nominal house prices and nominal incomes on the rise, using an index of
housing affordability provides a clearer measure of housing access than adjusting for
inflation. We use the average house selling price in a given year divided by per capita
income, defined for each city and neighborhood area. Philadelphia’s and El Paso’s
Distressed communities are seeing a rapid rise in housing unaffordability as income

4 Note that for these properties, the values come from the American Community Survey and are owner-
assessed, and thus represent a subjective value that is highly correlated with market values or
commercial assessors’ but may deviate from those values.
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gains lag behind housing price growth. This is in contrast to St. Louis, which has had
wage growth in excess of house price growth, leading to greater affordability. However,
nominal housing prices in St. Louis’ Distressed area are falling, a possible indication of
an area that is experiencing economic decline. In the case of falling nominal housing
prices, this type of “rising affordability” must be balanced with the knowledge that
household wealth is falling for existing homeowners. In contrast, Affluent areas of
Philadelphia and El Paso are becoming more affordable, as income gains outpace the
price of housing in these areas.

There are other factors at work that potentially affect housing access for those living in
Distressed communities. For example, commute times to work are far higher for
residents of Distressed communities compared to Affluent communities for all three
cities, making it more difficult to earn the income necessary to afford a home purchase.
On the positive side, since 2017, technology access has sharply improved for residents
of Distressed communities, which can serve as an information tool to better leverage
opportunities in the housing market. Lastly, educational attainment is improving for more
residents of Distressed communities that will help link them to better jobs and potentially
higher incomes.

B. Policy implications, limitations, and future research

Research into El Paso, St. Louis, and Philadelphia provides evidence that access to
housing is becoming less accessible and less affordable for many residents. In
separately analyzing Distressed and Affluent areas, our report finds that Distressed
areas are the most fragile when put under external stress from economic downturns.
This means that public policies around housing and banking legislation should be
similarly tailored to individual cities, community institutions, and neighborhood areas if
possible. Otherwise, national housing policies create unintended consequences if they
are formulated on a one-size-fits-all perspective.

Although this study reports trends rather testing a formal causative economic model,
there is evidence of a correlation between post-Great Recession banking policies meant
to shore up the U.S. banking system and the collapse of small-dollar lending in two of
the three cities studied (the third, El Paso, has had an ongoing high level of owner-
occupied housing, making it a very different case study from St. Louis and
Philadelphia).

Since 2007, the increase in investor-owned rental housing within these three cities may
be seen by some as a pernicious outcome of a market that needs further legislation to
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“correct.” However, policymakers may exacerbate the challenges of housing access if
they do not understand some of the roots of the problem.

We suggest that federal policies should take into account the history of community and
local government involvement in lending markets and be careful about imposing new
oversight burdens that may be shouldered more easily by larger, better-capitalized Wall
Street banks. Notably, from 2007 through 2013, the number of independent commercial
banks shrank by 14 percent, or more than 800 institutions, with the majority of losses
coming from community bank closures. Smaller lenders in communities better know
their customers’ needs and potential for repaying loans, beyond just relying on simple
metrics like credit scores.

In the past, trust between the local lenders and their customers created greater access
to small-dollar mortgages, particularly in Distressed communities that we have studied.
These smaller lenders that kept the mortgages in-house directly bore the costs or
benefits of their lending practices and were incentivized to closely study the risk of each
loan. They knew their customers by name and these social relationships provided
reasons for both parties to do right by each other. Trust between the two parties
lowered costs by lessening the need for outside audits and compliance.

Rather than building trust with personal relationships, the largest banks took a different
route by turning mortgages into impersonal commaodities that could be sold quickly and
efficiently. These practices became widespread by the early 2000s in the runup to the
Great Recession. In order to increase profits, these banks packaged high-risk subprime
mortgages into opaque securities that hid the true nature of the loans’ credit worthiness.
Trust in these complex financial instruments was artificially manufactured, with Wall
Street banks shopping for the credit agency that gave the highest rating for these risky
mortgage securities. These securities were often sold to other unsuspecting institutions,
thus infecting the financial system with subprime mortgages lurking under the guise of
AAA-rated securities. When hundreds of thousands of these subprime mortgages failed,
taking with it hundreds of banks, the 2010 Dodd-Frank banking legislation aimed to
prevent another large scale financial crash, with more than 400 new banking
regulations.

In large part, the nation’s smaller lenders have been penalized for how the larger banks
broke trust in the banking system and they have had to shoulder higher overhead costs
as a result. Rebuilding trust, by recognizing how banks do business should be a way to
review how banking regulations are imposed upon smaller banks that serve local
customers. Banks that hold onto customers’ mortgages, invest in social capital and
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develop community relationships may lower their short-term profits, but the mutual trust
that is developed provides greater stability for the banking system in the long run.

Other local public policies should seek ways to link residential, shopping, and business
districts that do not require long driving distances or time-consuming commutes on
public transportation. When labor productivity increases, so do wages and incomes,
allowing homes to become more affordable. In this way, millions more Americans will
gain hope to access the American Dream through acquiring a house of their own.

The report’s central strength—a deep dive into three U.S. cities—is also its limitation,
since it is difficult to draw conclusions around national policies from three cities alone.
Future research could broaden this methodological approach to more cities to find out if
the trends carry across regions of the Western and New England areas of the United
States. In addition, the combined ACS, HMDA, and CorelLogic dataset that has been
produced as part of this report would be well suited to employing regression analysis.
This type of analysis could investigate changes in access to small-dollar mortgages as a
function of a number of important independent variables to help researchers identify the
most important changes needed to improve mortgage access for U.S. families on the
lower end of the economic ladder.
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Appendix A: Creating the Dataset

Here we provide additional details regarding the methods and data used for the project.
We begin by documenting the methods related to the project’s unit of analysis. Then we
discuss the various data sources and the steps taken to process data collected from these
sources. Many tables are provided to organize the material and improve the explanations.

A. Standardizing the Unit of Observation

From the outset of this project, our goal was to analyze changes across neighborhoods
in three cities in the United States (El Paso, Philadelphia, and St. Louis) with as wide of
a time-related lens as data permitted. Regarding the datasets used (Home Mortgage
Disclosure Act, CoreLogic, and American Community Survey), which we discuss further
below, the widest overlapping range of years is 2007-2022. To proxy for neighborhoods,
we rely on census tracts, which are a commonly used proxy for neighborhoods (Cox,
Henwood, Rodnyansky, Rice, and Wenzel, 2019; Horowitz, 2019; Chan, Gedal, Been,
and Haughwout, 2013).

One particular challenge with census tracts is that every 10 years, the U.S. Census
Bureau updates census tract boundaries (i.e., the geographic polygonal shape that
defines a census tract). In most cases, census tract boundaries do not change. However,
in some cases census tracts are either 1) combined into larger tracts, 2) split into smaller
tracts, or 3) completely redefined. These cases make it challenging to measure changes
in census tracts over time frames that include instances when boundaries are redefined.
To address these issues, census tracts must be standardized over time, so that apples-
to-apples comparisons can occur. Researchers will often use a variety of different kinds
of areal interpolation to “standardize” census tracts, which is a method that essentially
weights census counts by the proportion of a tract that falls into a newly designed tract.
These methods have serious weaknesses, with one being that the weighting process
inherently assumes that people, households, or housing units are evenly distributed
across the census tract’'s land space (Logan, Zhang, Stults, and Gardner, 2021). To
further complicate matters, ACS data are estimates with variance, so using areal
interpolation techniques on numbers that are already estimates can be problematic
(Logan et al., 2021).

Therefore, we decided to take a different approach to standardize census tracts, which
was reviewed and approved by the Pew team. The method involved manually assembling
new census tract boundaries. We refer to these as “reconstructed census tracts.” These
reconstructed census tracts were created by visually examining census tract boundary
definitions in 2000, 2010, and 2020 and piecing them back together in cases when tracts
split apart or changed, so that the outer boundaries of the new reconstructed tract were
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stable over time. In the few cases when tracts were completely redrawn, the surrounding
tracts, including the one that was redrawn, were combined so that the outer boundaries
were consistent across each of the boundary changes. This method was extremely time-
intensive, but we were able to complete it because we only had to work with three cities.
We believe this method, though burdensome to implement, is extremely advantageous in
that it does not involve making additional assumptions about how counts ought to be
spread across a land space.

We created a unique key that we assigned to our reconstructed census tracts, which
established the relationship between the relevant census tracts across time, so that we
could reaggregate our data to the new keys. Then, we calculated our relevant statistics
at the reconstructed census tract level.

B. Implementing the new key for the reconstructed census tracts for the three Cities

For the years 2000-2009, census tract boundaries followed the boundary definitions
established in the 2000 decennial census. For the years 2010-2019, census tract
boundaries follow the boundary definitions established in the 2010 decennial census. For
the years 2020-2029, census tract boundaries follow (will follow) the boundary definitions
established in the 2020 decennial census. This is further summarized in Table A1 below.

Table A1l. Census Boundaries and Their Years

Years Census Boundaries
2000 - 2009 2000
2010 - 2019 2010
2020 - 2029~ 2020

At the writing of this report, census-related data is only available up to year 2022

Table A2 summarizes how the number of distinct tracts changed in our three study areas,
as boundary definitions changed with subsequent decennial censuses. The number of
distinct tracts in El Paso and Philadelphia increased from one decennial census to the
next, even though the county boundaries did not change, meaning that census tracts were
further divided into smaller tracts. St. Louis is different, however. The number of distinct
tracts declined from one census to the next, meaning that some tracts were combined
with other tracts to form a larger tract. Along with the changes in the total distinct tracts,
there were some tracts that had their boundaries redrawn. To determine this, we manually
examined boundary maps.

Table A2. Distinct Tracts in the Three Jurisdictions
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County Year Boundary Number of Distinct
Definition Year Census Tracts
El Paso County 2000 - 2009 2000 126
El Paso County 2010 - 2019 2010 161
El Paso County 2020 - 2029* 2020 181
Philadelphia 2000 - 2009 2000 381
Philadelphia 2010 - 2019 2010 384
Philadelphia 2020 - 2029* 2020 408
St. Louis 2000 - 2009 2000 113
St. Louis 2010 - 2019 2010 106
St. Louis 2020 - 2029* 2020 104

The next three tables summarize how we established the reconstructed census tracts
using our key. The first table (Table A3) describes the steps taken for El Paso, the second
(Table A4) describes the steps taken for Philadelphia, and the third table (Table A5)
describes the steps taken for St. Louis. The tables list the specific tracts that changed
and the resulting reconstructed tract that was formed.

Table A3. El Paso

Change For the For the 2010 | For the 2020 Outcome
2000 Boundaries | Boundaries
Boundarie
S
1 Combine Combine Leave tract The boundaries for the
tracts tracts 001204 specified tracts for 2000
001201 and | 001201 and alone and 2010 are set to equal
001203 001203 the tract definition for
001204 in 2020
2 Combine Leave tract Combine The boundaries for the
tracts 010600 tracts specified tracts 2000 and
000500 and alone 010601 and | 2020 are set to equal the
000700 010602 tract definition for 010600
in 2010
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Combine
tracts
010318 and
010101

Combine
tracts
010319,
010340,
010339, and
010101

Combine
tracts
010364,
010358,
010359, and
010101

The resulting combination
creates a new boundary

Table A4. Philadelphia

Change For the For the 2010 | For the 2020 Outcome
2000 Boundaries | Boundaries
Boundaries
1 Leave tract | Leave tract Rename Tract 989200 in the 2020
005000 005000 tract 989200 | boundaries is the same as
alone alone to 005000 | tract 005000 in the 2000
and 2010 boundaries
2 Combine Combine Combine | There's a large chunk of
tracts tracts tracts space in Philadelphia that
004600, 980900, 980905, does not neatly assemble
005200, 980400, 980901, or disassemble into a clear
002600, 003800, 980400, subset of census tracts.
004300, 037300, 980906, These census tracts need
004900, 980600, 980904, to be joined together to
004800, 980700, 980903, ensure an apples-to-apples
004700, 003300, and 980902, comparison of land space
005100, 006900 039100, between the 2000, 2010,
003800, 003300, and 2020 boundaries
005800, 037300,
005700, 980600,
006800, 980701, and
006900, 980702
003500,
003400,
007500, and
005900
3 Combine Leave tract Leave tract The boundaries for the
tracts 037200 037200 specified tracts in 2000 are
004400 and alone alone set to equal the tract
004500
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definition for 037200 in
2010 and 2020

4 Combine Leave Combine The boundaries for the
tracts 036900 tracts specified tracts in 2000
007600 and alone 036901 and | and 2020 are set to equal
008900 036902 the tract definition for
036900 in 2010
5 Combine Combine Combine The resulting combination
tracts tracts tracts creates a new boundary
009700, 980800, 980800,
009800, 037500, 037500,
011600, and | 009802, and | 009802, and
009900 009801 009801
6 Combine Leave tract Combine The boundaries for the
tracts 980000 tracts specified tracts in 2000
012300, alone 980001, and 2020 are set to equal
015000, and 980003, and the tract definition for
012400 980002 980000 in 2010
7 Combine Leave tract Leave tract The boundaries for the
tracts 037600 037600 specified tracts in 2000 are
012600 and alone alone set to equal the tract
012700 definition for 037600 in
2010 and 2020
8 Combine Leave Leave The boundaries for the
tracts 036700 036700 specified tracts in 2000 are
013000, alone alone set to equal the tract
012800, and definition for 036700 in
012900 2010 and 2020
9 Combine Leave Leave The boundaries for the
tracts 037700 037700 specified tracts in 2000 are
015400 and alone alone set to equal the tract
015500 definition for 037700 in
2010 and 2020
10 Combine Leave Leave The boundaries for the
tracts 037800 037800 specified tracts in 2000 are
015900, alone alone set to equal the tract
018100, and definition for 037800 in
018200 2010 and 2020
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11 Combine Leave Leave The boundaries for the
tracts 037900 037900 specified tracts in 2000 are
018600 and alone alone set to equal the tract
018500 definition for 037900 in
2010 and 2020
12 Combine Leave Leave The boundaries for the
tracts 038200 038200 specified tracts in 2000 are
018700 and alone alone set to equal the tract
018900 definition for 038200 in
2010 and 2020
13 Combine Leave Combine The boundaries for the
tracts 038300 989300 and specified tracts in 2000
019300, alone 038301 and 2020 are set to equal
019600, and the tract definition for
019400 038300 in 2010
14 Leave Combine Combine The boundaries for the
019700 tracts tracts specified tracts in 2010
alone 019700 and | 019700 and | and 2020 are set to equal
980500 980500 the tract definition for
019700 in 2000
15 Combine Leave Leave The boundaries for the
tracts 038400 038400 specified tracts in 2000 are
022100 and alone alone set to equal the tract
022200 definition for 038400 in
2010 and 2020
16 Rename Leave Leave Rename a tract in 2000
tract 022300 980100 980100
to 980100 alone alone
17 Combine Leave Leave The boundaries for the
tracts 038500 038500 specified tracts in 2000 are
022400 and alone alone set to equal the tract
022800 definition for 038500 in
2010 and 2020
18 Combine Leave Leave The boundaries for the
tracts 038700 038700 specified tracts in 2000 are
022500, alone alone set to equal the tract
022600, and definition for 038700 in

022700

2010 and 2020




19 Combine Leave Leave The boundaries for the
tracts 038600 038600 specified tracts in 2000 are
022900, alone alone set to equal the tract
023000, and definition for 038600 in
023400 2010 and 2020
20 Combine Leave Leave The boundaries for the
tracts 038900 038900 specified tracts in 2000 are
025100 and alone alone set to equal the tract
025000 definition for 038900 in
2010 and 2020
21 Combine Leave Leave The boundaries for the
tracts 038000 038000 specified tracts in 2000 are
029500 and alone alone set to equal the tract
029600 definition for 038000 in
2010 and 2020
22 Combine Leave Leave The boundaries for the
tracts 038100 038100 specified tracts in 2000 are
029700, alone alone set to equal the tract
032200, definition for 038100 in
032400, and 2010 and 2020
032700
22 Combine Leave Combine The boundaries for the
tracts 039000 tracts specified tracts in 2000
030400 and alone 039001 and | and 2020 are set to equal
030300 039002 the tract definition for
039000 in 2010
23 Rename Leave Leave Rename a tract in 2000
032800 to 989100 989100
989100 alone alone
24 Rename Leave Leave Rename a tract in 2000
034300 to 980200 980200
980200 alone alone
25 Rename Leave Leave Rename a tract in 2000
035400 to 980300 980300
980399 alone alone
26 Combine Leave Leave The boundaries for the
023200 and 038800 038800 specified tracts in 2000 is
023300 alone alone set to equal the tract

definition for 038800 in
2010 and 2020




Table A5. St. Louis

Change For the For the 2010 | For the 2020 Outcome
2000 Boundaries | Boundaries
Boundaries
1 Leave tract Combine Combine The boundaries for the
114100 tracts tracts specified tracts in 2010
alone 114102 and | 114102 and | and 2020 are set to equal
114101 114101 the tract definition for
114100 in 2000
2 Leave tract Combine Combine The boundaries for the
116300 tracts tracts specified tracts in 2010
alone 116301 and | 116301 and | and 2020 are set to equal
116302 116302 the tract definition for
116300 in 2000
3 Leave tract Combine Combine The boundaries for the
119100 tracts tracts specified tracts in 2010
alone 119101 and | 119101 and | and 2020 are set to equal
119102 119102 the tract definition for
119100 in 2000
4 Combine Leave tract Leave tract The boundaries for the
tracts 126800 126800 specified tracts in 2000 are
103900 and alone alone set to equal the tract
104100 definition for 126800 in
2010 and 2020
5 Combine Leave Leave The boundaries for the
tracts 126900 126900 specified tracts in 2000 are
107100 and alone alone set to equal the tract
107700 definition for 126900 in
2010 and 2020
6 Combine Leave Leave The boundaries for the
tracts 127000 127000 specified tracts in 2000 are
108400 and alone alone set to equal the tract
108500 definition for 127000 in
2010 and 2020
7 Combine Leave tract Leave tract The boundaries for the
tracts 127200 127200 specified tracts in 2000 are
113100 and alone alone set to equal the tract
113400 definition for 127200 in
2010 and 2020
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8 Combine Leave tract Leave tract The boundaries for the
tracts 127300 127300 specified tracts in 2000 are
117300 and alone alone set to equal the tract
118500 definition for 127300 in
2010 and 2020
9 Combine Leave Leave The boundaries for the
tracts 127100 127100 specified tracts in 2000 are
120100 and alone alone set to equal the tract
120300 definition for 127100 in
2010 and 2020
10 Combine Leave tract Leave tract The boundaries for the
tracts 127500 127500 specified tracts in 2000 are
121300 and alone alone set to equal the tract
121400 definition for 127500 in
2010 and 2020
11 Combine Leave tract Leave tract The boundaries for the
tracts 127400 127400 specified tracts in 2000 are
122100, alone alone set to equal the tract
122200, and definition for 127400 in
122400 2010 and 2020
12 Combine Leave tract Leave tract The boundaries for the
tracts 127600 127600 specified tracts in 2000 are
123400 and alone alone set to equal the tract
123500 definition for 127600 in
2010 and 2020
13 Combine Combine Leave The boundaries for the
tracts tracts 127700 specified tracts in 2000
111400 and | 111400 and alone and 2010 are set to equal
111500 111500 the tract definition for
127700 in 2020
13 Combine Combine Leave tract The boundaries for the
tracts tracts 127800 specified tracts in 2000
118400 and | 118400 and alone and 2010 are set to equal
121100 121100 the tract definition for
127800 in 2020

As a result of standardizing the census tracts and creating the new reconstructed tracts
with the key, the total number of geographic units declined across the three
counties/cities. These are shown in Table A6. The primary reason the reconstructed tracts
are fewer in number is because the majority of census tract changes typically involve the
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further dividing of preexisting census tracts into smaller tracts, meaning that most of the
reconstructed tracts contain multiple preexisting census tracts that have been pieced

back together.
Table A6.
Jurisdiction Number of Distinct Pseudo-
Tracts
El Paso County 123
Philadelphia 336
St. Louis 102

The reconstructed census tract keys were applied to our three datasets differently. The
original tract boundaries change over time differently depending on the data source. First,
before merging, we use our key to standardize the boundaries in each dataset separately.
Then, we merge the three datasets together using the key-year as our merge link. For
HMDA, the data records for years 2007-2011 follow 2000 census tract boundaries. The
records for the years 2012-2021 follow 2010 census tract boundaries, and the records for
the year 2022 use 2020 census tract boundaries. For ACS, data for 2009 follow 2000
boundaries, data for 2010-2019 use 2010 boundaries, and data for 2020-2022 follows
2020 boundaries. For CorelLogic, all data records follow 2020 census tract boundaries.
These are summarized in Table A7 below.

Table A7. Tract Boundaries for Our Three Data Sources

Dataset Year Range Number of Years | Census Boundary
Definition Set
HMDA 2007-2011 5 2000
HMDA 2012-2021 10 2010
HMDA 2022 1 2020
ACS 2009 1 2000
ACS 2010-2019 10 2010
ACS 2020-2022 3 2020
CorelLogic 2007-2022 16 2020
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C. Cleaning and processing HMDA data®

HMDA'’s publicly available Modified Loan/Application Register (LAR) data for the years
2007-2022 were downloaded and appended. Only loan applications for the purposes of
buying a home were retained, so refinance loan applications were dropped.® Only loan
application records for the purposes of dwelling in a home were kept, so secondary homes
and investment properties were excluded.” We only kept loan applications that were
completed, which we define as loans that made it through the entire loan application
process with a final decision made. The final outcome could be that the loan originated,
it was approved but the applicant did not accept the loan, or it was denied.® This approach
has been similarly used elsewhere (D’Acunto, and Rossi, 2022). Home improvement loan
analyses were conducted separately.

Loan application records were retained for El Paso County, Philadelphia, and St. Louis.
For the years 2007-2017, the census tract identifiers do not follow FIPS code convention,
so these were reformatted to be the 11-digit FIPS code identifier. Only a very small
percentage of loan records had missing census tracts (around 1 percent of all records).

Once these steps were implemented, the keys for our reconstructed tracts were merged
onto the appended HMDA dataset. Furthermore, an additional categorical variable was
merged onto the HMDA dataset, which categorized census tracts into 1 of 3 groups, which
we designated as Distressed, Affluent, or Other (the methodology for defining these
groups is described later in the Appendix).

Prior to aggregating HMDA data to the reconstructed-census-tract-year level, several
variables were created, which are summarized below in Table A8.

Table A8. HMDA Variables Created Prior to Aggregation

5 For all charts that employed mortgage trends using HMDA data, we only included loans for which the
primary intent was to "purchase and occupy a house." There is another variable, "type of lien," which
could be first or second lien. For the paper's analysis, we did not exclude transactions where someone
was buying a house with a second lien. In an analysis of the data, we found that for six data points (2004
vs. 2022, for all 3 cities), the average number of second liens used to purchase a house in order to
occupy was 6.3 percent of all mortgages. When we excluded the second lien loans from the calculation of
the average mortgage size, there was only an average difference of 4.5 percent across three cities and
18 years.

6 Designated in HMDA data as loan_purpose equals 1 or 2.

7 Designated in HMDA data as owner_occupancy equals 1 (in the 2007-2017 files) and occupancy_type
equals 1 (in 2017-2022 files).

8 Originated loan applications are designated in HMDA data as action_taken = 1, applications that was
approved but the applicant did not accept

the loan are designated as action_taken = 2, and denied applications are designated as action_taken = 3.
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Variable

Definition

Loan application purpose was to
purchase

Equal 1 if the loan application record had
loan_purpose =1

Loan application for a purchase loan
< $150,000

Equal 1 if the loan application record had
loan_purpose = 1 and loan_amount <
150,000

Loan application for a purchase loan
>= $150,000

Equal 1 if the loan application record had
loan_purpose = 1 and loan_amount >=
150,000

Loan application purpose was to improve

Equal 1 if the loan application record had
loan_purpose = 2 and lien_status = 1. So,
this was an application for a first-lien home
improvement loan

Originated purchase loan

Equal 1 if the loan application was
originated (action_taken = 1), and the
purpose was to buy a home
(loan_purpose = 1)

Originated purchase loan for a loan
< $150,000

Equal 1 if the loan application was
originated (action_taken = 1), the purpose
was to buy a home (loan_purpose = 1),
and loan_amount < 150,000

Originated purchase loan for a loan
>= $150,000

Equal 1 if the loan application was
originated (action_taken = 1), the purpose
was to buy a home (loan_purpose = 1),
and loan_amount >= 150,000

Originated improvement loan

Equal 1 if the loan application was
originated (action_taken = 1), and the
purpose was for a home improvement
(loan_purpose = 2)

Denied purchase loan

Equal 1 if the loan application was denied
(action_taken = 3), and the purpose was
to buy a home (loan_purpose = 1)

Denied purchase loan < 150,000

Equal 1 if the loan application was denied
(action_taken = 3), the purpose was to
buy a home (loan_purpose = 1), and
loan_amount < 150,000

Denied purchase loan >= 150,000

Equal 1 if the loan application was denied
(action_taken = 3), the purpose was to buy
a home (loan_purpose = 1), and
loan_amount >= 150,000
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Denied improvement loan Equal 1 if the loan application was denied

(action_taken = 3), and the purpose was for
a home improvement (loan_purpose = 2)

With the loan level variables in Table A8 created, we then aggregated (summed) the
dataset to the reconstructed-tract-year level, and then calculated a set of new variables.
These additional variables are summarized in the table below.

Table A9. HMDA Variables Created After Aggregation

Variables

Definition

V1

Count of completed loan applications in the tract for the purpose of
purchasing a home to occupy

V2

Count of completed loan applications in the tract for the purpose of
purchasing a home to occupy, where the loan amount was < $150,000

V3

Count of completed loan applications in the tract for the purpose of
purchasing a home to occupy, where the loan amount was >=
$150,000

V4

Count of completed loan applications in the tract for the purpose of
improving a home

V5

Count of completed loan applications in the tract for the purpose of
purchasing a home to occupy that were originated

V6

Count of completed loan applications in the tract for the purpose of
purchasing a home to occupy that were originated where the loan
amount was < $150,000

V7

Count of completed loan applications in the tract for the purpose of
purchasing a home to occupy that were originated where the loan
amount was >= $150,000

V8

Count of completed loan applications in the tract for the purpose of
improving a home that were originated.

V9

Count of completed loan applications in the tract for the purpose of
purchasing a home to occupy that were denied

V10

Count of completed loan applications in the tract for the purpose of
purchasing a home to occupy that were denied where the loan amount
was < $150,000

V11

Count of completed loan applications in the tract for the purpose of
purchasing a home to occupy that were denied where the loan amount
was >= $150,000

V12

Count of completed loan applications in the tract for the purpose of
improving a home that were denied
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Percent

V13 Percentage of all completed purchase-loan applications in a tract that
were originated [(#5/#1)*100]

V14 Percentage of all completed purchase-loan applications for loans <
$150,000 in a tract that were originated [(#6/#2)*100]

V15 Percentage of all completed purchase-loan applications for loans >=
$150,000 in a tract that were originated [(#7/#3)*100]

V16 Percentage of all completed improvement-loan applications for loans
in a tract that were originated [(#8/4#)*100]

V17 Percentage of all completed purchase-loan applications in a tract that
were denied [(#9/1#)*100]

V18 Percentage of all completed purchase-loan applications for loans <
$150,000 in a tract that were denied [(#10/#2)*100]

V19 Percentage of all completed purchase-loan applications for loans >=
$150,000 in a tract that were denied [(#11/#3)*100]

V20 Percentage of all completed improvement-loan applications for loans
in a tract that were denied [(#12/#4)*100]

Rates

V21 Count of completed loan applications in the tract for the purpose of
purchasing a home to occupy, per 1,000 housing units in the tract

V22 Count of completed loan applications in the tract for the purpose of
improving a home, per 1,000 owner-occupied housing units in the tract

V23 Count of completed loan applications in the tract for the purpose of

purchasing a home where the loan amount was < $150,000, per 1,000
owner-occupied units valued < $150,000

V24 Count of completed loan applications in the tract for the purpose of
purchasing a home where the loan amount was >= $150,000, per
1,000 owner-occupied units valued >= $150,000

An Important Note on Improvement Loans

The way lenders report home improvement loans changed during our study’s time frame
of 2007-2022, complicating the comparison of levels from year to year. In 2018, there was
a change such that only improvement loans that were secured by a dwelling were to be
reported under HMDA. Therefore, when comparing the number of improvement loans,
there is likely to be a natural downward level-shift post-2018. To mitigate, but not fully
correct, this issue, we only measure home improvement loans that are first-lien. This is
not a perfect solution because a first-lien mortgage is simply secured with real estate, not
necessarily the dwelling place where the borrower resides. This data is reported in
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Appendix B but we do not highlight it in the “takeaway” section because of these definition
changes.

D. Cleaning and processing CoreLogic data

To prepare CorelLogic data for analysis, we started by filtering the raw data for property
sales records in El Paso County, Philadelphia, and St. Louis. We implemented several
other filters, which we describe below.

e Keep only transaction records that involve residential properties, excluding
commercial properties.®
o Our focus is on the residential housing market, so we are not interested in
examining commercial properties.
° Keep only transaction records that do not involve newly constructed properties.©

o We are interested in examining the preexisting housing market. New
construction is often sold by a home builder company. In many cases, newly
built homes are built for a particular buyer, which is not necessarily a market
transaction. Furthermore, if kept, these transactions would appear in the
data as a possible investor selling a property.

Keep only transaction records that do not involve short sales.!*

o Short sales are not market transactions, in the sense that the seller typically
is facing financial hardship and chooses to sell the home for less than what
is owed on the loan, with the mortgage lender often taking the earnings.

Keep only transaction records that do not involve foreclosure sales.!?
Keep only transaction records that involve resales.*®

o We only want preexisting home sales.

Keep only transaction records that do not involve transactions between family
members.14

o We do not want property transactions that involve family members as they
are not considered true market transactions.

Keep records that involve “arm’s length” transactions.*®
Only keep property types that we can confirm are types that households can live
in. So for example, we do not want a boat port, or a barn, or a vacant lot. We keep

° Designated in CoreLogic data as residentialindicator equals "Y".

10 Designated in CoreLogic data as Newconstructionindicator equals 0.

1 Designated in CoreLogic data as shortsaleindicator not equal to 0.

12 pesignated as foreclosurereosaleindicator equals 0, or foreclosurereoindicator equals O.
13 Designated as resaleindicator equals 1.

14 Designated as interfamilyrelatedindicator equals O.

15 Designated as primarycategorycode not equal to “B” and not equal to “C”.
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properties that are confirmed as single-family residential units, townhouses, and
duplexes.®

Correcting for bulk transactions

Some transactions involve multiple properties, with the total sale amount of the bulk
property being assigned to each individual property. To correct for this, we divide the total
sale amount by the total number of properties in the transaction.

Correcting for outliers in sale price

Some sale amount values are extreme and clear outliers. This is not an immediate issue
for us because we are primarily interested in counting the number of homes sold for prices
that fall above or below a particular threshold ($200,000). However, it becomes an
important issue to address when estimating the Fair Market Price (FMP) in a particular
area. To address these outliers, we winsorize the sale amount using the sale amount -
year distribution for each city/county. Specifically, for sale amounts that are in the bottom
1 percent of the city-year distribution, we replace them with the value designating the first
percentile. For sale amounts that are above the 99" percentile, we replace them with the
value designating the 99" percentile. We do the same for the property square footage
variable, which also contains outliers.

External validation of CoreLogic data

After making these adjustments, at a high level, we use Zillow and Redfin data to
externally validate our own data. It's important to note that we don’t know Redfin’s or
Zillow’s process for counting relevant home sales, so we should not expect the levels to
be the same. However, we see similar trends with the data from Zillow and Redfin closely
tracking the CoreLogic data as seen below in Figures A1-A3.

Figure A1l. Home Sales in Philadelphia: Redfin vs. Our CoreLogic Sample

16 These are defined as landusecodestatic equal to either 163, 102, 112, 115, or 100.
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Figure A2. Home Sales in El Paso: Zillow vs. Our CoreLogic Sample
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Figure A3. Home Sales in St. Louis County (City): Redfin vs. Our CoreLogic
Sample
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CoreLogic Special Cases and Limitations

As we stated earlier, there are instances of bulk purchases. These are instances where
a seller (typically an investment company) sells multiple properties at once to a buyer.
The entire sale amount of the bulk transaction is applied to every property in the bundle.
To adjust this inflated price, we divide the total sale amount by the total number of
properties in the bundle.

There are some clear outliers in the data. For example, there are transactions that involve
sale amounts that are unbelievably low, and cases where they are unbelievably high. To
correct our data, we winsorize our data by replacing sale amounts below the first
percentile in a given year by the value designating the first percentile, and by replacing
sale amounts above the 99th percentile of the distribution with the value that designates
the 99th percentile. This will be especially important when we produce our market values.

Several limitations are worth highlighting. Some legitimate transactions are simply
missing sale amount information, which makes these instances unusable. Cases like
these are the exception, though. There are instances where a transaction involves a
property that does not have an assigned census tract. Cases like these are the exception
too. Approximately 5 percent of these cases fell into this category and were deleted.

CorelLogic Variables

CoreLogic provides several useful indicator variables that we rely on for our analysis,
which are: 1) a binary variable indicating whether the buyer paid in cash or used a
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mortgage loan; 2) whether the buyer was a business; and 3) whether the buyer intends

to live in the purchased property.

We merge our reconstructed census tract keys onto the transaction level dataset. Prior
to converting CorelLogic data to a census-tract-year level, several variables were created
from CoreLogic data, which are summarized below in Table A10.

Table A10. CoreLogic Variables Created Before Aggregation

Variable

Definition

Sale Amount < $200k

Equal to 1 if the sale amount of the property was
less than $200,000

Sale Amount >= $200k

Equal to 1 if the sale amount of the property was
$200,000 and over

Purchase Method Cash

Equals 1 if the buyer purchased the property with
cash

Purchase Method Mortgage

Equals 1 if the buyer purchased the property with a
mortgage loan

Cash Purchase, < $200k

Equal to 1 if the property was bought with cash and
sale amount is less than $200,000

Cash Purchase, >= $200k

Equal to 1 if the property was bought with cash and
sale amount is $200,000 or more

Mortgage Purchase, < $200k

Equal to 1 if the property was bought with a
mortgage loan and sale amount is less than
$200,000

Mortgage Purchase, >= $200k

Equal to 1 if the property was bought with a
mortgage loan and sale amount is $200,000 or
more

Business Purchase

Equal to 1 if the buyer is a business

Business Purchase, < $200k

Equal to 1 if the buyer is a business and the sale
amount is less than $200,000

Business Purchase, >= $200k

Equal to 1 if the buyer is a business and the sale
amount is $200,000 or more

Buyer Will Not Occupy

Equal to 1 if the buyer has no intention of
occupying the property

Buyer Will Not Occupy, < $200k

Equal to 1 if the buyer has no intention of
occupying the property and sale amount is < $200k
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Buyer Will Not Occupy, >= Equal to 1 if the buyer has no intention of
$200k occupying the property and sale amount is >=
$200k

With the transaction level variables in Table A10 created, we then aggregated (summed)
the dataset to the reconstructed-census-tract-year level, and then calculated a set of
additional variables. These are summarized in the table below.

Table A1l. CoreLogic Variables Created After Aggregation

Variables Definition
Counts

#1 Count of the total number of homes involved in a buy/sell transaction in
the tract

#2 Count of the total number of homes, bought for less than $200,000,
involved in a buy/sell transaction in the tract

#3 Count of the total number of homes, bought for $200,000 or more,
involved in a buy/sell transaction in the tract

#4 Count of the total number of homes involved in a buy/sell transaction
where the buyer used cash, in the tract

#5 Count of the total number of homes involved in a buy/sell transaction
where the buyer used a mortgage loan, in the tract

#6 Count of the total number of homes bought for less than $200,000
involved in a buy/sell transaction where the buyer used cash in the tract

#7 Count of the total number of homes bought for $200,000 or more
involved in a buy/sell transaction where the buyer used cash in the tract

#8 Count of the total number of homes bought for less than $200,000
involved in a buy/sell transaction where the buyer used a mortgage loan
in the tract

#9 Count of the total number of homes bought for $200,000 or more
involved in a buy/sell transaction where the buyer used a mortgage loan
in the tract

#10 Count of the total number of homes involved in a buy/sell transaction
where the buyer was a business, in the tract

#11 Count of the total number of homes bought for less than $200,000
involved in a buy/sell transaction where the buyer was a business, in the
tract

#12 Count of the total number of homes bought for $200,000 or more
involved in a buy/sell transaction where the buyer was a business, in the
tract
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#13

Count of the total number of homes involved in a buy/sell transaction
where the buyer will not occupy the dwelling, in the tract

#14

Count of the total number of homes bought for less than $200,000
involved in a buy/sell transaction where the buyer will not occupy the
dwelling, in the tract

#15

Count of the total number of homes bought for $200,000 or more
involved in a buy/sell transaction where the buyer will not occupy the
dwelling, in the tract

Percent

#16

Percentage of the total number of homes involved in a buy/sell
transaction in the tract, where the buyer used cash [(#4/#1)*100]

#17

Percentage of the total number of homes involved in a buy/sell
transaction in the tract, where the buyer used a mortgage loan
[(#5/#1)*100]

#18

Percentage of the total number of homes involved in a buy/sell
transaction bought for less than $200,000 in the tract, where the buyer
used cash [(#6/#2)*100]

#19

Percentage of the total number of homes involved in a buy/sell
transaction bought for $200,000 or more in the tract, where the buyer
used cash [(#7/#3)*100]

#20

Percentage of the total number of homes involved in a buy/sell
transaction bought for less than $200,000 in the tract, where the buyer
used a mortgage loan [(#8/#2)*100]

#21

Percentage of the total number of homes involved in a buy/sell
transaction bought for $200,000 or more in the tract, where the buyer
used a mortgage loan [(#9/#3)*100]

#22

Percentage of the total number of homes involved in a buy/sell
transaction in the tract, where the buyer was a business [(#10/#1)*100]

#23

Percentage of the total number of homes involved in a buy/sell
transaction bought for less than $200,000 in the tract, where the buyer is
a business [(#11/#2)*100]

#24

Percentage of the total number of homes involved in a buy/sell
transaction bought for $200,000 or more in the tract, where the buyer
used cash [(#12/#3)*100]

#25

Percentage of the total number of homes involved in a buy/sell
transaction in the tract, where the buyer will not occupy the dwelling
[(#13/#1)*100]
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#26

Percentage of the total number of homes involved in a buy/sell
transaction bought for less than $200,000 in the tract, where the buyer
will not occupy the dwelling [(#14/#2)*100]

#27

Percentage of the total number of homes involved in a buy/sell
transaction bought for $200,000 or more in the tract, where the buyer will
not occupy the dwelling [(#15/#3)*100]

Rates

#28

Count of the total number of homes involved in a buy/sell transaction
where the buyer used cash, in the tract, per 1,000 housing units

#29

Count of the total number of homes bought for less than $200,000
involved in a buy/sell transaction where the buyer used cash, in the tract,
per 1,000 owner-occupied units valued under $200,000

#30

Count of the total number of homes bought for $200,000 or more
involved in a buy/sell transaction where the buyer used cash, in the tract,
per 1,000 owner-occupied units valued at $200,000 and up

#31

Count of the total number of homes involved in a buy/sell transaction
where the buyer was a business, in the tract, per 1,000 housing units

#32

Count of the total number of homes bought for less than $200,000
involved in a buy/sell transaction where the buyer was a business, in the
tract, per 1,000 owner-occupied units valued under $200,000

#32

Count of the total number of homes bought for $200,000 or more
involved in a buy/sell transaction where the buyer was a business, in the
tract, per 1,000 owner-occupied units valued at $200,000 and up

#33

Count of the total number of homes involved in a buy/sell transaction
where the buyer will not occupy the dwelling, in the tract, per 1,000
housing units

#34

Count of the total number of homes bought for less than $200,000
involved in a buy/sell transaction where the buyer will not occupy the
dwelling, in the tract, per 1,000 owner-occupied units valued under
$200,000

#35

Count of the total number of homes bought for $200,000 or more
involved in a buy/sell transaction where the buyer will not occupy the
dwelling, in the tract, per 1,000 owner-occupied units valued at $200,000
and up

Other

#36

The fair market price (FMP), per square foot, of homes in the tract. This
is calculated as the average sale price of homes that sold in the tract,
divided by the average square footage of the homes that sold in the tract
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Within CoreLogic’s transaction data, there are instances of sales records that are missing
a sale amount. We retain these records to make sure we still get an accurate estimate for
the total number of homes sold. For example, when calculating the number of homes
sold, we might have three mutually exclusive and exhaustive categories such as: 1)
Homes Sold for < $200k, 2) Homes Sold for >= $200, and 3) Homes Sold but Sale Amount
Missing.

An important note on El Paso

While examining our data, we noticed that very few sales in El Paso involved cash. The
number is so low, in fact, that we do not think the data accurately describes the true level
of cash transactions; therefore, we chose not to present cash-related measures sliced by
amount for El Paso.

E. Cleaning and processing ACS data

Raw micro-level ACS five-year estimate data at the census tract level was downloaded
from the Integrated Public Use Microdata Series (IPUMS) National Historical Geographic
Information System (NHGIS) database maintained by the Minnesota Population Center
at the Institute for Social Research & Data Innovation at the University of Minnesota. ACS
five-year estimates are calculated using a rolling and weighted year sample for a window
of five years. Each of the annual estimates, within the five-year window, are averaged to
get the five-year estimate. Some researchers will use the middle year within the five-year
window to represent that year’'s estimate (the estimates for the 2009-2013 five-year
estimates would be assigned to year 2011, for example). Others (see Chetty, Hendren,
Kline, and Saez, 2014) sometimes use the last year in the five-year window to represent
that year's estimate (the estimates for the 2009-2013 five-year estimates would be
assigned to year 2013, for example). Both have pros and cons, but we follow the latter
approach because it enables us to avoid imputing values for the two most recent years
(2021 and 2022). The year and the corresponding five-year estimates are shown in Table
Al12 below.

Table A12. ACS Years

Year ACS 5-Year Estimate
2009 2005-2009
2010 2006-2010
2011 2007-2011
2012 2008-2012
2013 2009-2013
2014 2010-2014
2015 2011-2015
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2016 2012-2016
2017 2013-2017
2018 2014-2018
2019 2015-2019
2020 2016-2020
2021 2017-2021
2022 2018-2022

The five-year estimates for the years 2009 through 2022 were downloaded and
appended, with our reconstructed census tract keys then being merged onto the ACS
data. These data were then aggregated (summed and in one case averaged) to our key’s
level. Table A13 below contains the variables we created using the ACS data.

Table A13. ACS Variables

Variables Definition
Percent

#1 Percentage of total households in the tract below the federal poverty line
(poverty rate)

#2 Percentage of total households in the tract on SNAP/food stamps

#3 Percentage of occupied housing units that are owner-occupied
(homeownership rate)

#4 Percentage of total housing units that are unoccupied/vacant (vacancy
rate)

#6 Percentage of total housing units with incomplete plumbing

#7 Percentage of total housing units with incomplete kitchens

#8 Percentage of owner-occupied housing units that are valued below
$150,000

#9 Percentage of total housing units that are single-family detached units

#10 Percentage of total housing units that are single-family attached units

#11 Percentage of total housing units that are multifamily units

#12 Percentage of total housing units that are mobile units

#13 Percentage of total housing units that are all other structural types

#14 Percentage of the total population that is non-Hispanic White

#15 Percentage of the total population that is non-Hispanic Black

#16 Percentage of the total population that is non-Hispanic Asian
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#17 Percentage of the total population that is Hispanic

#18 Percentage of the total population less than 18 years old

#19 Percentage of the total population 18 - 25 years old

#20 Percentage of the total population 25 - 65 years old

#21 Percentage of the total population 65 and older years old

#22 Percentage of the population, 25 years old and older, with less than a
high school level education

#23 Percentage of the population, 25 years old and older, with more than just
a four-year college level education

#24 Percentage of all commuters with commutes over 60 minutes

#25 Percentage of the employed labor force employed in the agriculture
forestry, fishing, hunting, or mining industries

#26 Percentage of the employed labor force employed in the construction
industry

#27 Percentage of the employed labor force employed in the manufacturing
industry

#28 Percentage of the employed labor force employed in the wholesale trade
industry

#29 Percentage of the employed labor force employed in the retail trade
industry

#30 Percentage of the employed labor force employed in the transportation,
warehousing, or administration industries

#31 Percentage of the employed labor force employed in the information
industry

#32 Percentage of the employed labor force employed in the finance,
insurance, or real estate industries

#33 Percentage of the employed labor force employed in the professional,
scientific, waste management, or administration industries

#34 Percentage of the employed labor force employed in the education
services, healthcare, or social services industries

#35 Percentage of the employed labor force employed in the arts,
entertainment, recreation, or accommodations industries

#36 Percentage of the employed labor force employed in other services
industries

#37 Percentage of the employed labor force employed in public
administration industry

#38 Percentage of total households with an internet subscription
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#39 Percentage of total households with no internet access

#40 Percentage of total households with a mobile smartphone

#41 Percentage of total households with a computer

#42 Percentage of total households with at least 1 computing device

#43 Percentage of the population, 16 years old and older, in the labor force
(Labor force participation rate)

#44 Percentage of the total labor force that is unemployed (Unemployment
rate)

#45 Percentage of the population, at least 1 year old, that lived in the same
house 1 year ago

#46 Percentage of the population, at least 1 year old, that lived elsewhere 1
year ago

#A7 Percentage of the population, at least 1 year old, that outside of the U.S.
1 year ago

#48 Percentage of total households with at least one vehicle

#49 Percentage of total households with no vehicles

#50 Percentage of the population, 25 to 54 years old, who work full time

#51 Percentage of the population, 25 to 54 years old, who work part time

#52 Percentage of the population, 25 to 54 years old, who did not work at all
in the past year

Mean
# Total aggregated income divided by the total population (Income per

capita)

As was stated before, our final analysis dataset ranges from 2007 to 2022. However, ACS
five-year estimate data is only available from 2009 to 2022, which means we do not have
data for 2007 and 2008. We impute values for 2007 and 2008 by extrapolating back the
average annual change, for each reconstructed census tract, from 2009 to 2013. To
illustrate, for the variable Population, we calculate the annual change in Population from
2009 to 2010, 2010 to 2011, 2011 to 2012, and 2012 to 2013. Then, we would take the
mean of these calculated changes. To impute the value for 2008, we take the
reconstructed tract’s Population in 2009 and subtract the mean change. Then, to get the
value for 2007, we subtract the mean change from the 2008 value just calculated. In this
way, we can maintain recent trends.
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F. A note on nominal housing values vs. real housing values

The use of nominal numbers for this research was chosen for a few key reasons. First,
calculating a real house price index involves many subjective decisions and assumptions
that can create distortions of their own, especially when using the CPI as an adjustment
method, since housing is both a consumption good and an asset good, as noted by
Bernstein et. al (2021) in “Housing Prices and Inflation” (2021). He notes, “... the price of
a house reflects both its value as an investment asset, which CPI in principle wants to
ignore, and as a good that provides a ‘service’ — shelter — to the families that live in it,
whose cost CPI wants to incorporate.” In other words, rising house prices create wealth
as well as higher living expenditures simultaneously, which makes “correcting for inflation”
using the various indexes far more thorny for houses than for pure consumption items,
such as grocery store items.

By choosing to use nominal prices despite the ongoing housing appreciation issues, it is
much easier to see up front the potential price distortions rather than having them buried
under a set of assumptions that create distortions of their own. In addition, it would mean
that not only would housing prices need to be adjusted, so would the yearly definition of
a small-dollar mortgage. This makes explication even more difficult to a wider audience.

In addition, the advantage of using nominal values is the ability to more easily modify and
adjust if needed to make desired inflation corrections in a later report, on say a
geographical or time series approach. Our early discussions with the Pew team resulted
in agreement upon this approach.

A better approach of indicating housing affordability as well as housing inflation is to
create a variable that measures the buying power of the area median wage, an
approach taken by Harvard’s Joint Center for Housing Studies. Housing affordability can
be measured by taking the median house price divided by median wages in the same
geographic area, in time t, both in nominal terms. This creates an index that measures
the purchasing power of wages in a given time frame and locality without making any
assumptions that create inevitable distortions in interpretation.

For this reason, we conduct a similar analysis in this report that shows the trends in
housing affordability in each designated area (Distressed, Affluent, and All Other) using
the average selling price of houses divided by the per capita income in time t.

G. Categorizing census tracts into designated areas

To better facilitate our descriptive analyses, we grouped census tracts together so that
we could create higher-level visualizations at these levels, as discussed earlier in section
[11.B. We created a prosperity index, which averaged the poverty rate and the percentage
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of housing below $150,000 in each census tract. From there, we found contiguous areas
that had high concentrations of poverty and affluence. We created three groups, which
are 1) Distressed area, 2) Affluent area, and 3) All Other area. Figure A4 shows the
resulting poverty rate calculations across these three groups, for each of our three
counties/cities. Figure A5 shows the resulting share of low-value housing stock

calculations across these three groups, for each of our three counties/cities.

Figure A4. Poverty Rates by Group in the 3 Cities
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Figure A5. Low-Value Housing Stock by Group in the 3 Cities
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Figure A6 shows 2010 census tract boundary maps for the three cities. In Philadelphia,
the Affluent tracts tend to cluster in the northwestern corner of the city, with Distressed
tracts clustering in the city center. In St. Louis, the Affluent tracts tend to cluster in the
southern half of the city, with Distressed tracts clustering in the northern half. In El Paso,
the Affluent tracts tend to cluster in the northwestern corner of the city, with Distressed
tracts clustering along the southern edge of the city.

Figure A6
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Appendix B. El Paso: Descriptive Statistics

A. ACS demographic, migration, and economic data

EL PASO CITY

AMERICAN COMMUNITY SURVEY (ACS)
5-YEAR ESTIMATES

D hi t2 (% of total lation)
Man-Hispanic Black

Mon-Hispanic White

Mon-Hispanic Asian

MNon-Hispanic Other

Hispanic

TOTAL

Lessthan 18 years old
19-25 years ald

25-65 yearsald

65+ years old

TOTAL

Male
Female
TOTAL

Tatal Population

Migration (% of the population, at least 1 year ol
Lived inthe same house 1 year ago

Lived elsewhere 1 year ago
Lived outside of the U.5. 1 year ago
Population at least 1 year old

Economic data

Incame per capita (3]
Percent of households below the federal poverty line

Percent of households on SMAR/food stamps
Percent with at least 1 vehicle

Tatal Households

(El Paso, continued)

Distressed Affluent Other Overall
2007 2023 2007 20593 2007 022 2007 2023
0.00 0.05 1.38 1.29 2.68 3.17 2.44 2.85
2.04 3.00 36,67 22,26 1177 10.05 14.29 11.23
0.57 0.26 2.84 2,24 0.97 0.99 1.19 111
2,09 0.72 0.26 2.60 0.9z 1.52 0.85 1.86
594.90 95.97 58.85 7161 83.66 83.97 81.20 52,95
100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
37.21 29.97 30.35 23.69 3279 26.78 32.66 26.53
11.19 11.08 9.16 10.05 10.64 11.73 10.49 11.51
43.98 45.36 E50.65 52.03 45.93 4922 46.41 49.42
T.6Z 13.59 9,84 14.23 10.64 1225 10.44 12.54
100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
49.71 49.48 45,49 49.55 48.04 49.8 47.81 49.78
50.29 50.52 54.51 50.45 51.96 50.20 52.19 50.24
100.00 100.00 100.00 100.00 100.00  100.00 100.00 100,00
23,392 30,233 78,692 100,974 585,503 732,625 687,587 863,832
100.00 88.91 80.83 85.87 85.32 86.87 85.36 86.82
0.87 8.86 b.89 4.92 4,69 5.45 4.82 5.50
0.29 0.19 1.93 0.89 1.25 0.93 1.30 0.90
22,734 29,712 77,540 100,061 573,955 721,895 674,229 851,668
8,343 17,563 26,808 43,256 13,733 23,982 15,046 26,010
37.98 22.56 14.03 11.1 27.668 21.4 26.21 20,12
20.48 36.84 5.96 7.20 19.89 22.09 18.27 20.65
97.95 93.97 93.98 595.94 §9.64 93.14 S0.42 93.52
5973 8,953 28,298 37,209 189,493 24p,418 223,702 295,580
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B. ACS industry and labor force data

Industry of Employment (%; of employed people)
Agriculture, Forestry, Fishing, Hunting, or Mining
Construction

Manufacturing

Wholesale Trade

Retail Trade

Transportation, Warehousing, or Utilities
Information

Finance, Insurance, or Real Estate

Professional, Scientific, Yaste Management, or
Administration

Education Services, Healthcare, or Social Services
Arts, Entertainment, Recreation, or Accomodations
Cther Services

Public &dministration

TOTAL

Total Employed Persons

Labor Force Participation £5 of the Population at Least 16

years old)

In the labor force
Matinthe laborforce
TOTAL

Population at least 16 years old

Un em ployment (3 of the labor force unemployed)
Unemployed

Employed

TOTAL

Population, 16 and up, in the labor force

Usual Hours Worked (% of the population, 25-54)
Employed Part-Time™**

Em ployed Full-Time**

Mot Employed®*

TOTAL

Persons, Age 25-54%*

Commute to work (4 of commuters)
Commuteis over 1 hour
Comrmuteisless than 1 hour

TOTAL

Commuters

(El Paso, continued)

Distressed Affluent Other Overall
2007 2022 2007 2022 2007 2022 2007 2022
3.40 4,12 0.76 1.08 0.76 1.00 0.84 1.12
1700 10.90 2,34 4,69 7.89 TeT 7.45 7.38
16,01 9.49 11.59 7.01 10,39 662 10,72 67T
4,22 3.51 N 2,95 3,33 2,35 3.40 2.47
9,29 9.07 10,14 9,65 12,44 12,19 12,04 11.75
10,14 1067 .16 4,60 716 7.40 6,99 714
2,60 1.97 3,96 1.13 3,96 1.55 3,91 1.50
0.10 2.47 760 5.94 4,96 4,68 5,15 437
466 8.34 9.44 12,29 7.76 10.53 7.88 10,69
le.65 2396 28,42 31.29 21,94 25,37 22,62 26,11
8.85 6.71 713 8.67 771 9,60 TeT 9.38
3.47 6.06 4,10 317 S5.65 4,43 5.38 4,32
360 2,73 S.63 7.53 6,07 6.60 5,93 6,60

100.00 100,00 100.00 100,00 100,00 100,00 100,00 100,00
8,427 12,407 39,023 49,336 223,921 306,357 267,370 368,320
58,77 5753 64,85 £5.90 59,20 62,35 59.85 6262
41,23 42.47 35,15 34.10 40,80 3765 40,15 37.38
100.00 100,00 100.00 100,00 100,00 100,00 100,00 100,00
15,353 22,444 57,085 758,703 412,639 558,564 485,076 660,711
3.99 2,16 2,98 3.07 4,09 4,29 3.96 407
96,01 9784 9702 96,93 95,91 95,71 96,04 95,93
100,00 100.00 100,00 100,00 100,00 100,00 100,00 100,00
9,023 12,912 37,020 52,524 244,782 348,265 290,318 413,737
28,77 28.45 22,94 20,91 22,35 21.68 22,65 21.81
41,61 52.84 61,92 54,09 55.54 58.81 55.90 59,25
29.62 18.71 15.14 15.00 22,11 19,51 21.45 18.94
100.00 100.00 100.00 100.00 100,00 100.00 100,00 100.00
7,612 8,912 35,645 34,631 208,689 229,033 251,946 273,476
4,32 9.34 2,05 4,34 2,79 3.89 2,74 4,13
95.68 90.66 97.95 95.66 97.21 96.11 97.26 95,87
100.00 100,00 100.00 100,00 100,00 100,00 100,00 100,00
7,949 11,482 33,015 43,536 215,971 297,464 256,934 352,482
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C. ACStechnology, education, and housing stock data

Technology Access (% of households)

With an internet subscription®
With no internet access®

With a mobile smartphone®

With a computer®

With at least 1 computing device®
Total Households*

Education Attainment (% of the population 25 years old
and older

Less than a high school education
High school diplama or GED

Some college or Associates degree
Bachelors degree

Masters degree or higher

TOTAL

Population 25 Years Old and Older

Housing Stock data (% of total housing units)
Yacant units

Single-family detached units
Single-family attached units
MAUlt-family units

Other-type units (mobile homes, etc.)
TOTAL

Incomplete plumbing
Incormplete kitchen

Total Housing Units

(El Paso, continued)

Distressed Affluent Other Overall
2007 2022 2007 2022 2007 2022 2007 2022
50,55 24 85 85,74 89,77 7011 86.03 7185 86,47
33.96 1266 12.07 .25 2578 11.14 24,24 10,72
65,85 5194 79.63 92,58 65,48 87.78 6819 88,52
5519 5298 5581 85,84 £7.29 70.89 69,33 7224
7595 94,98 92,82 95,72 20,89 91.75 8232 92,35
7708 3,853 34,045 37,209 221,447 246,418 263,200 292,580
59.85 36.02 11.49 7.88 34,80 21.14 3273 19.97
24.34 3010 17.99 15.97 24,93 25.29 24.07 24.29
1295 2385 26.08 25.87 2594 31.72 25.56 30,72
1.82 763 27.01 30.46 971 15.23 11.58 16.88
1.25 240 174z 19.81 4,73 5.62 5,17 213
100,00 100,00 100,00 100,00 100,00 100.00 10000 100,00

12,071 17,823 47,601 66,908 331,194 450,444 340,866 535,173
5,32 1015 7.58 2,26 7.84 TG 7T 780
6742 SG15 7188 54,5 5525 6278 66,15 £3.43
1.44 2.07 5.53 271 2.84 3.85 3.99 280
4,02 1022 19,49 16,13 2535 20.47 24,05 149,59
2712 30,56 3.10 10,66 5.56 12.90 5.81 13218
100.00 100.00 100.00 100,00 100.00 100.00 100,00 100.00
0.01 4.33 0.49 0.6l 1.37 1.70 1.23 165
0.36 2.99 0.57 1.18 1.26 225 1.15 214
6,375 9,969 30,616 40,561 2051623 267,135 242,155 317,655
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D. ACS housing unit data, owners vs. renters

o led Housing Unit Data (% of fed .
units)

Percent of occupied housing units that are cwner-
occupied

Percent of occupied housing units that are renter-occupied

TOTAL
Total Occupied Housing Units

Owner-Occupied Housing Unit Data % of total owner-

Valued < $150.000

Valued $150,000 - $200,000
Valued $200,000 - $300,000
Valued 5300,000 - $400,000
Valued 400,000 - $500,000
Valued $500,000 and Quer
TOTAL

Valued < $200,000
Valued $200,000 and Owver
TOTAL

Total Owner-Occupied Housing Units

Rent er-Occupied Housing Unit Data [% oftotal owner-

Percent of renter households that are burdened (30% of
more of their monthly income spent on rent)

Percent of renter households that are extremely burdenad

(50% of more of their monthlyincome spent on rent)

Total Renter-Occupied Housing Units

(El Paso, continued)

Distressed Affluent Other Overall
2007 2022 2007 2022 2007 2022 2007 2022
87.64 77.16 74.42 70.03 £53.55 61.43 B65.56 63.00
12.36 22.84 25.58 29.97 36.45 38.57 34.44 37.00

100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
5,973 8,953 28,296 37,209 189,493 246,418 223,762 292,580
92.51 78.59 4488 12.78 86.39 52.85 80.70 4815
2.84 13.75 21.62 22.28 7.45 22.99 Q.21 22.54
2.63 5.88 19.77 31.72 4.27 17.25 6.43 18.87
1.02 1.14 717 17.66 0.95 4.05 1.84 5.87
0.00 0.28 3.90 7.89 0.29 1.40 0.88 2.28
0.00 0.26 2.65 7.67 0.55 1.46 0.23 2.29
100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
96.36 9234 66.51 35.06 93.84 75.84 90.01 70.70
.64 7.66 32.49 54,94 5,16 24.16 9.99 29.20
100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
5,234 6,908 21,058 26,059 120417 151,371 146,709 184,338
38.59 36.04 49,51 42.16 48.52 48.27 48.52 47.41
20.51 1834 28.76 18.52 23237 233 22.85 2272
738 2,045 7,238 11,150 69,076 95,047 77,053 108,242
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E. HMDA data on loan applications, denials, and originations

HOME MORTGAGE DISCLOSURE ACT (HMDA)

Total Home-Purchase Loan Applications [% of completed

home-purchase loan applications)
Criginated

Denied

Approved, but not accepted
TOTAL

Tatal Home-Purchase Loan Applications

Total Home-Purchase Loan Applications for Loans Under
5150k (% of completed home-purchase loan applications
for loans under 5150k

Criginated

Denied

Approved, but not accepted

TOTAL

Total Home-Purchase Loan Applications, Under $150k

Total Home-Purchase Loan Applications for Loans 5150k
and Owver [% of completed home-purchase loan
applications for loans 5150k and over]

Criginated

Denied

Approved, but not accepted

TOTAL

Total Home-Purchase Loan Applications, 5150k and Over

Total Originated Home-Purchase Loans [% of originated
completed home-purchase loan applications)
Less than 150,000

5150,000 to S200,000

5200,000 to 5250,000

$250,000 to 5300,000

$300,000 to 5350,000

$350,000 to S400,000

5400,000 to 5450,000

S450,000 to S500,000

5500,00 and Over

Missing

TOTAL

Total Originated Home-Purchase Loans

(El Paso, continued)

Distressed Affluent Other Cverall
4303 ©BB.25 74.83 51.00 57.38 B&.55 E5.90 28.583
4448 1821 15.09 5.89 32.68 5.65 23.63 1.76
12.49 4.50 10.08 3.11 5.93 3.80 10.47 3.321
100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
1,169 178 4,208 2,732 1,279 634 6,656 3,594
43.84 B3.83 75.58 B6.49 58.86 83.86 E63.78 82.15
4466 31.21 14.13 5.59 31.34 12.97 25.52 14.04
11.50 496 10.29 3.92 5.80 3.17 10.70 3.81
100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
1,104 141 2,428 455 1,123 347 4,655 547

Distressed Affluent Other Overall
2007 2022 2007 2022 2007 2022 2007 2022
45.15 75.68 73.B2 51.90 46.79 B8.32 70.81 81.35
41.54 21.B2 16.40 5.15 42.31 E.23 19.24 5.52
12.31 270 5.78 2.95 10.90 4.45 9.95 3.13
100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00

B5 37 1,780 2,273 156 337 2,001 2,647
54.04 78.27 58.27 15.97 80.05 49.16 E7.69 24.34
3.18 16.10 21.02 2337 E.81 27.03 16.60 23.78
2.78 678 10.64 19.03 1.51 B.95 B.28 16.71
0.00 0.85 4.29 1295 0.82 B.25 3.21 11.26
0.00 0.00 2.22 10.58 0.14 422 1.62 5.01
0.00 0.00 1.27 6.64 0.27 2.03 0.96 5.54
0.00 0.00 0.89 3.70 0.00 0.84 0.64 3.04
0.00 0.00 0.16 2.29 0.00 0.51 0.11 1.88
0.00 0.00 1.24 5.47 0.00 1.01 0.89 4.44
0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00

100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
503 118 3,143 2,486 734 592 4,386 3,136
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F. CoreLogic data on housing sales and prices

CORELOGIC data

Housing Affordahility
Fair harket Price for the Average Home ()
Percentage change, 2007-2020

Per capita income (ACS data)
Percentage change, 2007-2020
¥ra. to Purchase Home (&g, area price/per cap. income)

Percentage change, 2007-2020

Fair Market Price Per Square foot (8)
Percentage change, 2007-2020

Homes Bought/fSold (% of all homes hought/sold)
Less than $200,000

$200,000 to $250,000

$250,000 to $300,000

$300,000 to $350,000

$350,000 to $400,000

5400,000 to $450,000

$450,000 to $500,000

500,000 and Over

Missing Sale Amount () Information
TOTAL

Boughtwith cash
Boughtwith mortgage
Uk now

TOTAL

Bought by a business

Bought by a non-business (Person, or couple)
Ik nowr

TOTAL

Buyer will not accupy
Buyer will occupy
Ik rown

TOTAL

Total Homes Bought/Sold

(El Paso, continued)

Distressed Affluent Other Overall
2007 2022 2007 2002 2007 022 2007 2022
62,497 172,321 227,185 345623 141,384 220,394 155,871 240,737

175.7% 53.9% 55.9% 50.6%
58,343 517,563 $26,808 S43,256 $13,733  $23982 215,046 $26,010
110.5% 1. 4% 74 6% 729%
749 9.8l 247 8.08 10.20 4918 10.63 9,26
31,08 -4.68 -10.7% -12.9%
40,72 101.51 105.90 149.88 87.85 127.06 S92.47 131.50
149 3% 41.5% 44 624 42.2%
36,69 25,10 37.49 B.61 58.85 26,57 54.01 23.41
0.00 741 1327 8.58 498 1580 £.59 14.50
0.00 1.23 939 1061 217 207 361 833
0.00 0.41 573 8.00 115 3.95 2,07 4,51
0.00 0.82 3.93 714 0.60 1.90 1.27 2,70
0.00 0.00 214 533 016 0,493 0.57 1.61
0.00 0.00 124 3.36 013 0,53 0.36 0.96
0.00 0.82 225 9,33 0.40 0,80 0.78 215
63,31 64,20 24,56 40,94 3165 41,49 30.81 41.87
100.00 100,00 100.00 100.00 100,00 100.00 100.00 100.00
62,72 62,12 24,51 39,18 3163 40,00 30.77 40,32
37.28 36.21 75.38 60,55 5831 59.62 £9.16 59.29
0.00 1.67 011 0.27 0.06 0,329 0.07 0.39
100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
3.55 7.4 15.03 2831 6.81 14.73 7.28 14.43
96,45 92.59 8497 71e9 9319 85.27 92.72 85.57
0.00 0.00 Q.00 0.00 0.00 0,00 0.00 0.00
100,00 100,00 100,00 100.00 100,00 100,00 100,00 100,00
11.83 32.51 2114 25.85 2617 29.41 24.85 23.92
33.73 45.27 75.83 7271 67.99 6248 £62.94 63.67
54.44 22,22 304 1.44 5.94 216 £6.29 2,45
100.00 100,00 100.00 100.00 100,00 100.00 100.00 100.00
169 243 1,779 1,876 6,683 9,833 2631 11,952
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Homes Bought by a Business (% of all homesbought bya
business)

Less than $200,000

$200,000 and Over

Missing Sale Amount {$) Inform ation

TOTAL

Total Homes Bought by Business

Homes Bought Without the Intention to Occupy (% of all
I itk R - )

Less than $200,000

$200,000 and QOver

Missing Sale Amount ($) Inform ation

TOTAL

Total Homes Bought Without the Intention to Occupy

Homes with Cash (% of all homes bought with cash)
Lass than $200,000

$200,000 and Over

Missing Sale Amount ($) Inform ation

TOTAL

Total Homes Bought With Cash

NOTES

Distressed Affluent Other Qverall
007 2022 2007 2022 2007 2022 2007 2022
16.67 22.22 10.18 6.95 2505 1775 21.02 1617
0.00 0.00 479 13.51 5.49 8.08 5.25 8.81
8333 778 85.03 79.54 69.45 7417 73.73 7501
100.00 100.00 100.00 100.00 100.00  100.00 100.00 100.00
6 18 167 259 455 1,448 628 1,725
45.00 22.78 27.93 7.42 11.34 2071 39.02 18.89
0.00 1.27 18.35 2619 4.86 10.75 7.8 12.70
55.00 75.95 53.72 66.39 53.80 68.53 53.80 68.40
100.00 100.00 100.00 100.00 100.00  100.00 100.00 100.00
20 79 376 435 1,749 2,892 2,145 3,456
0.00 0.00 023 0.00 0.66 0.05 0.56 0.04
0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
100.00 100.00 99.77 100.00 9934 9994 99.43 99.96
100.00 100.00 100.00 100.00 100.00  100.00 100.00 100.00
106 151 436 735 2,114 3,933 2,656 4,819

* These variables only have available data for years after 2016. So, in the columns for 2007, for these variables, the year measured is 2017.

*#* These variables only have available data for years after 2013. S0, in the columns for 2007, for these variables, the year measured is 2014.

For ACS data, excluding the technology and hours-worked variables, the 2007 estim ates were linearly extrapolated back from 2009.
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Appendix C. Philadelphia: Descriptive Statistics

A. ACS demographic, migration, and economic data

PHILADELPHIA
Distressed Affluent Other Owerall

2007 2022 D07 2022 2007 2022 2007 2022
AMERICAN COMMUNITY SURVEY (ACS)
YEAR ESTIMATES
Demaographic data (3 of total population)
Non-Hispanic Black 57.36 49 89 3460 36.33 38.74 37.27 41.80 38.95
Naon-Hispanic White 7.38 6.48 60.58 50.81 45 B6 36.67 4139 3354
Naon-Hispanic Asian 2.16 3.29 162 2.48 6.00 B.77 5.15 7.54
Non-Hispanic Other 1.85 2.36 0.67 5.22 1.13 456 120 4.30
Hispanic 31.25 3758 253 5.16 728 12.74 10.37 15.67
TOTAL 10000 100.00 10000 100.00 100.00 100.00 100.00 100.00
Less than 18 years old 32.43 26.26 15.54 16.01 2420 21.18 24,80 21.50
158-25 years old 11.07 1178 B.49 B74 9.40 881 958 10.08
25-85 years old 47.53 4847 62.10 51.77 52.B5 5496 52.73 54.41
65 + years old 9.01 12.48 13.68 17.49 13.57 13.95 1295 14.01
TOTAL 10000 100.00 10000 100.00 100.00 100.00 100.00 100.00
Male 46.81 46.8B8 44 51 47.12 46.64 47 67 456.53 4752
Female 53.19 53.12 55.39 5288 53.38 52.33 53.49 52.48
TOTAL 10000 100.00 10000 100.00 100.00 100.00 100.00 100.00
Total Population 217,679 221,086 105,179 118,733 1,205,458 1,253,389 1,528,316 1,593,208
Migration (% of the population, at least 1 year old)
Lived in the same house 1 year ago B5.B2 BG6.19 8425 B490 BG72 BG 22 B6.43 BG.12
Lived elsewhere 1 year ago 3.05 297 5.62 741 3.67 441 371 443
Lived ocutside of the U.5. 1 year ago 0.38 0.45 0.38 0.53 0.73 0.79 0.66 0.73
Population at least 1 year old 213,384 218,246 103,991 117,330 1,188,994 1238447 1,506,368 1,574,023
Economic data
Income per capita [$) 10,940 18,489 32,637 53,139 20,763 36,896 20,181 35,552
Percent of households below the federal poverty line 4179 3831 0.80 10.95 19.02 20.03 2112 2157
Percent of households on SNAP/food stamps 2791 5282 461 10.10 10.78 23.56 1242 26.12
Percent with at least 1 vehicle 48.46 57.65 B3.66 B6.54 68.43 72.55 67.17 71.B5
Total Households 70,053 B3,077 45430 55,477 444 5R4 520,575 560,067 658,129
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B. ACS industry and labor force data

Distressed Affluent Other Overall

2007 2022 2007 2022 2007 2022 2007 2022
Industry of Employment [% of employed people)
Agriculture, Forestry, Fishing, Hunting, or Mining 0.65 0.59 0.21 0.29 0.26 Q.18 0.29 0.23
Construction 5.90 5.09 5.21 3.32 4868 399 4.86 4.04
Manufacturing 10.81 E.26 7.27 E.62 2.03 6.34 .24 E.36
Wholezale Trade 299 1.53 193 1.78 2.86 192 2.79 1.87
Retail Trade 8.29 12.69 7.03 7.71 5.93 9.03 5.50 5.28
Transportation, Warehousing, or Utilities 2.37 2.05 4.85 4.25 £.19 6.16 £.30 E.13
Infermation 150 0.68 2.87 2.54 2.57 201 2.53 1.82
Finance, Insurance, or Resl Estate 477 2.70 8.42 8.43 7.37 6.69 7.20 6.45
Fruﬂ?s.smna!,5|:|Ent|f||:,‘.'-'aste Management, or 271 ace 13.42 15.47 10.88 13.43 10.88 12.48
Administration
Education Services, Healthcare, or Social Services 25.29 33.00 32.45 32.65 26.44 32.28 26.87 32.3%
Arts, Entertainment, Recreation, or Accomodations 10.02 9.26 468 .20 8.58 2.45 2.38 236
COther Services 4.45 4.67 4.23 4.34 477 482 4.75 4.84
Public Administration 7.87 5.92 €.62 £.38 7.42 5.50 7.38 5.62
TOTAL 100.00  100.00 100.00 100.00 100.00 100.00 100.00 100.00
Total Employed Persons 684,176 73,334 57,434 B5,325 512,369 598,018 £33,978 736,737
Labor Force Participation [% of the Population at Least 16
years old}
Inthe labor force 45.76 50.36 £6.95 £8.81 59.52 £4.21 58.821 g2.23
Mot in the labor force 50.24 49,64 33.05 31.19 40.48 35.e5 41.1% 37.17
TOTAL 10000  100.00 100.00 100.00 100.00 100.00 100.00 100.00
Population at least 16 years old 155,633 169,051 90,169 101,359 5948 538 1,013,512 1,154,340 1,284,522
Unemployment [ of the labor force unemployed]
Unemployed 9.44 £.94 4.1 4.55 591 5.26 £.24 5.43
Employed 50.56 53.06 55.84 55.45 94.09 9474 893.76 94 57
TOTAL 100.00  100.00 100.00 100.00 100.00 100.00 100.00 100.00
Population, 16 and up, in the labor force 77,443 85,134 0,368 70,158 564,570 651,750 702,391 807,065
Usual Hours Worked (% of the ulation, 25-54
Employed Part-Time** 21.03 26.26 2236 22.16 23.80 23.23 23.31 23.50
Employed Full-Time** 34.20 40.21 €0.20 £7.38 51.56 55.88 49.90 58.28
Not Employed*®* 44 77 32.83 17.44 10.46 2464 16.85 26.79 18.22
TOTAL 100.00  100.00 100.00 100.00 100.00 100.00 100.00 100.00
Persans, Age 25-54%* 87,717 75,432 51,835 54,580 510,081 548,285 42,633 €83,297
Commute to work [% of commuters)
Commute is over 1 hour 20.29 16.57 10.43 12.42 11.35 13.03 12.17 13.34
Commute iz less than 1 hour 79.71 23.43 88.57 87.58 88.65 86.97 87.a23 BE.G6E
TOTAL 10000  100.00 100.00 100.00 100.00 100.00 100.00 100.00
Commuters 58,368 £3,572 53,138 51,8587 477,924 502,767 590,430 618,236
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C. ACStechnology, education, and housing stock data

Technology Access (5 of households)
With an internet subscription®

With nointernet access™

With a mobile smartphone®

With a computer®

With at least 1 computing device®
Total Households®

Education Attainment (5 of the ulation 25 years old and
older

Less than a high school education

High school diploma or GED

Some college or Associstes degree

Bachelors degree

Masters degree or higher

TOTAL

Population 25 Years Old and Older

Housing Stock data (3 of total housing units]

Vacantunits

Single-family detatched units
Single-family attached units
Multi-family units

Other-type units (mobile homes, etc.)
TOTAL

Incomplete plumbing
Incomplete kitchen

Total Housing Units

(Philadelphia, continued)

Distressed Affluent Other Owerall
2007 2022 2007 2022 2007 2022 2007 2022
45.11 76.39 81.27 91.76 72.43 26.08 70.13 85.23
45.19 18.72 15.98 E.36 23.34 10.77 25.58 11.53
51.83 30.16 73.70 85.659 67.57 36.42 66.04 8551
49.50 G464 22.04 824,95 70.92 75.85 €9.10 73.85
68.53 85.66 23.99 895.31 32.64 92.44 81.33 81.82
76,976 83,077 48,808 55477 455,496 520,575 591,280 659,129
37.52 26.71 12.13 450 20.44 11.79 21.87 13.10
40.25 40.57 25.42 1861 37.12 2991 36.57 30.33
15.85 22.38 22.14 2097 20.87 23.27 20.36 22.97
5.01 677 20.91 27.16 1z.88 19.85 12.55 18.80
1.59 3.57 19.42 28.37 2.79 15.18 8.75 14.80
100.00 100.00 100.00  100.00 100.00 100.00 100.00 100.00
123,073 13,381 78,706 88,353 300,565 863,678 1,003,243 1,080,012
20.92 1415 15.44 £.48 13.77 9.39 14.87 9.79
7.63 6.02 16.60 13.52 3.1z 7.60 3.75 7.90
75.1% 63.72 48.37 42 48 57.88 50.74 58.27 51.75
17.08 15.67 36.81 36.58 33.81 32.02 31.80 30.22
0.10 14.59 0.22 7.01 0.19 9.64 0.18 10.08
100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
2.21 27 1.86 1.54 3.01 2.43 3.81 3.1%
10.55 .64 1.52 1.1z 3.82 2.86 4.54 3.62
828,582 96,767 53,720 59,320 515,273 574,543 657,575 730,630
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D. ACS housing unit data, owners vs. renters

Occupied Housing Unit Data [% of total occupied housing
units}

Percent of occcupied housing units that are owner-occcupied

Percent of occupied housing units that are renter-occupied

TOTAL

Total Occupied Housing Units

Owner-Occupied Housing Unit Data [3% of total owner-
occupied housing units)

Valued <5150,000

Valued 5150,000 - 5200,000

Valued 5200,000 - 5300,000

Valued 5300,000 - 5400,000

Valued 5400,000 - 5500,000

Valued $500,000 and Cver

TOTAL

Total Owner-Occupied Housing Units

Renter-Occupied Housing Unit Data {3 of total owner-
occupied housing units)

Percent of renter households that are burdenad (30% of
mare of their monthly income spent on rent)

Percent of renter househaolds that are extremely burdened
(50% of more of their monthly income spent on rent)

Total Renter-Occupied Housing Units

(Philadelphia, continued)

Distressed Affluent Other Overall

2007 2022 2007 2022 2007 2022 2007 2022
54.87 48.35 £1.11 56.15 58.85 52.41 58.57 52.21
4513 51.65 38.828 43.85 4111 47.55 41.43 47.79
100,00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
70,053 83,077 45,430 55,477 444 584 520,575 560,067 658,129
95.29 7426 30.54 3.24 55.30 27.72 57.92 31.48
1.55 991 18.75 8.50 16.56 15.35 15.06 1410
1351 10.17 27.85 30.82 15.80 27.41 15.1% 25.70
0.76 2.51 11.17 25.16 6.24 12.45 6.01 12.47
0.17 0.84 5.08 11.00 2.73 6.22 2.63 £.03
0.32 231 5.62 15.29 3.38 10.20 3.18 10.22
100,00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
38,573 40,167 27,967 31,152 264,038 272,830 330,933 344 148
56.67 58.47 47.25 40.28 4828 47.62 48 34 4853
37.2%9 37.80 29.11 20.29 2698 26.06 28.55 27.21
31,614 42,310 17,708 24,325 182,777 247,745 232,100 314,380
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E. HMDA data on loan applications, denials, and originations

HOME MORTGAGE DISCLOSURE ACT (HMDA)

Total Home-Purchase Loan Applications [% of completed
home-purchasa loan applications)

Criginated

Denied

Approved, but not accepted

TOTAL

Total Home-Purchase Loan Applications

Taotal Home-Purchase Loan Applications for Loans Under

5150k [% of completed home-purchase loan applications for

loans under 5150k

Criginated

Denied

Approved, but not accepted
TOTAL

Total Home-Purchase Loan Applications, Under 5150k

Total Home-Purchase Loan Applications for Loans 5150k and
Over [% of completed home-purchase loan applications for

loans 5150k and aver)

Criginated

Denied

Approved, but not accepted
TOTAL

Total Home-Purchase Loan Applications, $150k and Over

Total Originated Home-Purchase Loans [% of originated
completed home-purchase loan applications)
Less than 5150,000

5150,000 to 5200,000

$200,000 to $250,000

£250,000 to 5300,000

5300,000 to 5350,000

£350,000 to 5400,000

S400,000 to 5450,000

$450,000 to $500,000

$500,00 and Over

Miz=ing

TOTAL

Total Originated Home-Purchase Loans

Total Home-Improvement Loan Applications [% of completed

home-improvement loan applications
Criginated

Denied

Approved, but not accepted

TOTAL

Total Home-Improvement Loan Applications

(Philadelphia, continued)

Distressed Affluent Other Overall
2007 2022 2007 2022 2007 2022 2007 2022
56.93 78.16 79.96 92.69 71.35 87.20 70.92 87.03
32.71 18.61 12.90 5.69 19.07 10.04 19.66 10.28
10.30 3.23 7.14 162 3.58 276 9.42 2.69
100,00  100.00 100.00 100.00 100.00 100.00 100.00 100.00
1,932 1,209 2,046 1,548 19,455 12,261 23,433 15,016
57.70 76.03 76.38 80.85 68.97 76.08 67.86 76.24
31.86 21.21 14.75 1425 21.54 19.65 22.56 13.84
10.44 2.76 g.82 476 9.49 4.27 3.58 3.92
100,00  100.00 100.00 100.00 100.00 100.00 100.00 100.00
1,877 580 703 24 11,730 1,710 14,370 2,374
Distressed Affluent Other Overall

2007 2022 2007 2022 2007 2022 2007 2022
32.73 80.13 81.83 93.37 75.00 89.00 75.56 89.06
61.82 16.22 11.91 5.20 15.28 8.48 15.06 8.49
5.45 3.65 6.26 1.43 872 2.52 338 2.45
100,00  100.00 100.00 100.00 10:0.00 10:0.00 100.00 100.00

55 629 1,343 1,462 7,665 10,551 9,063 12,642
58.27 45.67 3z2.82 475 58.58 12.17 58.68 13.85
1.18 21.1& 27.69 6.14 16.73 16.26 16.78 15.99
0.36 12.4% 18.64 14.17 9.20 19.10 9.54 18.08
0.09 5.08 5.84 21.56 5.04 16.33 5.18 16.09
0.00 3.60 5.62 17.45 3.32 .91 3.33 10.28
0.00 4.34 .14 12.35 .38 6.38 2.20 6.89
0.00 2.43 1.28 6.28 2.35 478 2.09 478
0.00 201 0.18 461 .35 3.54 0.31 3.54
0.00 2.22 1377 12.70 2.05 10.86 1.28 10.52
0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
100,00  100.00 100.00 100.00 100.00 100.00 100.00 100.00
1,101 945 1,636 1,433 13,881 10,651 16,618 13,069
25.40 32.11 53.75 63.04 37.99 45.44 36.42 43.99
B7.45 65.93 36.95 35.51 52.08 52.52 5424 54.03
7.15 1396 5.30 1.45 9.93 2.04 3.34 138
100,00  100.00 100.00 100.00 100.00 100.00 100.00 100.00
1,315 408 387 138 4,356 1,525 6,658 2,071
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F. CoreLogic data on housing sales and prices

CORELOGIC data Distressed Affluent Other Owerall
Housing Affordability
Fair Market Frice for the Average Home [5) 54,180 127,448 261,216 389,624 178,588 296,711 174,680 286,336
Percentage change, 2007-2020 D5.6% 45 2% 66 1% 64 3%
Percapita income [ACS data) 510,940 '513,435 532,637 '553,135 520,763 " 536,826 520,181 535,552
Percentage change, 2007-2020 B3.0% 62.5% F7.7% 76.2%
¥rs. to Purchase Home [Avg. area price/per cap. income) 527 " .28 8.00 7.33 3.60 2.04 2.66 3.07
Percentage change, 2007-2020 17.5% -5.48 -6.5% -6.8%
Fair Market Price Per Square foot [S) 45.28 100.12 162,31 233.40 137.63 225.04 132.10 21412
Percentage change, 2007-2020 103 2% 43 5% 63.5% 621%
Homes Bousht/Sold (% of all homes bought /sold)
Less than 200,000 98.76 27.39 36.15 12.11 74.23 37.97 73.24 41.38
5200,000 to 5250,000 0.23 4,68 27.45 11.31 3.41 14.81 i1z 13.38
5250,000 to 5300,000 0.17 3.04 14.20 15.88 452 14.21 5.28 13.10
5300,000 to 5350,000 0.62 1.35 2.68 1896 3.47 331 3.66 9.05
£350,000 to 5400,000 0.00 053 5.07 13.76 217 5.20 2.22 551
5400,000 to $450,000 0.06 0.48 2.25 7.42 132 3.8z 1.28 3.82
5450,000 to 5500,000 0.00 0.46 1.06 4.45 101 2.63 091 2.54
5500,000 and Over 0.11 1.60 5.13 18.05 3.46 11.324 3.27 10.80
Mizzing Sale Amount (5} Information 0.06 0.08 0.00 0.06 0.01 0.01 0.02 0.02
TOTAL 100,00 100.00 100.00  100.00 100.00 100,00 100.00 100.00
Bought with cash 2274 43.01 594 19.65 14.67 2999 15.06 31.27
Bought with mortgage 77.26 50.99 90.06 80.35 85.31 70.01 84.33 68.73
Unknown 0.00 0.00 0.00 0.00 0.02 0.01 0.02 0.00
TOTAL 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
Bought by a3 buziness 17.83 45.17 4.07 11.76 7.94 20.67 8.53 22.69
Bought by a non-business [Person, or couple) 82.17 54 23 85.53 22.24 92 .06 78.33 91.41 77.31
Unknown 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
TOTAL 10000 100.00 100.00 100.00 100.00 100.00 100.00 100.00
Buyer will not occupy 40.74 60.14 17.57 25.47 24.42 40.95 25.45 41.82
Buyer will cccupy 56.04 38.00 81.30 73.84 73.81 58.07 7270 57.12
Unknown 3.23 1.34 1.13 0.74 153 1.11 2.00 117
TOTAL 100,00 100.00 100.00  100.00 100.00 100,00 100.00 100.00
Total Homes BoughtfSold 1,772 2,371 1,588 1,751 14,191 16,954 17,562 21,076

(Philadelphia, continued)
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Homes Bought by a Business (% of all homes boughtbya
business)

Less than $200,000

$200,000 and Over

Missing Sale Amount {$) Information

TOTAL

Total Homes Bought by Business

Homes Bought Without the Intention to Occupy (% of all
I ! ht with - . )

Less than $200,000

$200,000 and Over

Missing Sale Amount ($) Information

TOTAL

stal Homes Bought Without the Intention to Occupy

Homes with Cash (% of all hom es bought with cash)
Less than $200,000

$200,000 and Over

Missing Sale Amount ($) Information

TOTAL

Total Homes Bought With Cash

NOTES

Distressed Affluent QOther Overall
2007 2000 2007 2027 2007 2007 2007 2022
95325 93.46 63.08 41.76 85.89 76.41 86.87 78.71
4.75 635 36.92 58.25 14.02 23.57 13.06 21.20
0.00 019 0.00 0.49 0.09 003 0.07 0.08
100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
316 1,071 65 206 1,127 3,505 1,508 4,782
97.78 92.64 56.23 27.13 84.42 56.07 84.81 60.52
2.08 736 43.77 72.87 15.58 43.91 15.17 39.47
0.14 0.00 0.00 0.00 0.00 0.01 0.02 0.01
100.00 100.00 10000 10000 100.00 100.00 100.00 100.00
722 1,426 281 446 3,466 6,943 4,469 8,815
9727 96.04 59.75 33.14 83.19 62.12 83.93 66.59
2.73 3.06 40.25 0.77 16.81 37.88 16.07 33.4
0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
403 1,162 159 344 2,082 5,084 2,644 6,590

* These variables only have available data for years after 2016. So, in the columns for 2007, for these variables, the year measured is 2017,

** These variables only have available data for years after 2013. So, in the columns for 2007, for these variables, the year measured is 2014.

For ACS data, excluding the technology and hours-worked variables, the 2007 estimates were linearly extrapolated back from 2009.
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Appendix D. St. Louis: Descriptive Statistics

A. ACS demographic, migration, and economic data

ST. LOUIS
Distressed Affluent Other Overall

2007 2022 2007 2042 2007 2022 2007 2022
AMERICAN COMMUNITY SURVEY {(ACS)
5-YEAR ESTIMATES
Demographic data (% of total population
Maon-Hispanic Black 53.30 92,39 29.19 27.01 31,39 39.70 48,02 43.70
MNon-Hispanic White 4,39 4,28 64,34 60.18 568,74 42,55 4570 44.61
Mon-Hispanic Asian 021 0.05 1.65 4,72 5.22 3.53 1.90 3.47
Mon-Hispanic Other 1.58 247 1.56 3.94 2.38 5.48 1.72 3.92
Hispanic 0.52 0.83 3.25 4.15 4.27 8.74 2.65 4.31
TOTAL 100.00  100.00 100.00 100.00 100.00 100.00 100.00 100.00
Lessthan 18 years old 26.33 23.17 21.59 14,93 27.43 24,30 24,04 18,52
19-25 years old 9.89 7.64 g.69 9.88 7.39 3.50 §.79 9.13
25-65 years old 49,458 50.62 58.65 60.90 55,18 56.86 55.37 57.89
65+ yearsald 14.32 18.57 11.11 14.30 9.99 10.34 11.83 14.47
TOTAL 100,00 100.00 100,00 100.00 100.00 100,00 100.00 100,00
Male 44.44 46.62 458.45 49.16 4p.59 49.24 46.95 458.62
Fem ale 55,56 53.38 51.55 50.64 53.41 50768 53.05 51.38
TOTAL 100.00  100.00 100.00 100.00 100.00 100.00 100.00 100.00
Total Population 107,232 64,9593 196,616 175,911 69,2592 57,109 373,140 298,018
Migration (% of t} lati ¢ least 1 Id)
Lived in the same house 1 year ago 77.81 86.88 80.26 82.57 81,26 86.75 7973 84.31
Lived elsewhere 1 year ago 6.66 561 8.50 9,22 517 5.17 7.36 7.66
Lived outside of the U.S, 1 year ago 0.12 0.10 0.81 0.73 1.04 0.19 0.65 0.49
Population at least 1 year old 105,917 64,197 192,933 173,716 6e,542 5p,181 365,392 294,094
Economic data
Income per capita (3) 13,212 21,045 25,003 45,744 15,576 26,775 19,864 3,722
Percent of households below the federal poverty line 31.43 31,55 15.34 15.60 25,58 23.38 20,97 20,05
Percent of households on SNAPfood stamps 31.20 34.67 10.43 10.56 19,54 27.79 16,95 18.26
Percent with at least 1 vehicle 71.50 £9.40 §2.88 86.05 78,33 78.50 79.39 81.51
Total Households 33,6604 27,493 84,101 90,133 26,478 25,433 144,242 143,059

(St. Louis, continued)
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B. ACS industry and labor force data

Industry of Employment (% of emploved people)
Agriculture, Forestry, Fishing Hunting, or Mining
Construction

Manufacturing

Wholesale Trade

Retail Trade

Transportation, Warehousing, or Utilities

Infarm ation

Finance, Insurance, or Real Estate

Professional, Scientific, Waste Management, or
Administration

Education Services, Healthcare, or Social Services
Arts, Entertainment, Recreation, or Accomaodations
Other Services

Public Administration

TOTAL

Total Employed Persons

Lahor F Participation (% of the Populati t Least 16
years old)

In the labor force
Mot in the labor force
TOTAL

Population at least 16 years old

Unem ploym ent (% of the laborforce unem ployed)
Unem ployed

Employed

TOTAL

Population, 16 and up, inthe laborforce

Usual Hours Worked (% of the population, 25-54)
Employed Part-Time**

Employed Full-Time**

Mot Employed**

TOTAL

Persons, Age 25-54%*

Commute to work (% of commuters)

Commute is over 1 hour
Commute is lessthan 1 hour
TOTAL

Commuters

(St. Louis, continued)

Distressed Affluent Other Owerall
2007 2022 2007 2022 2007 2022 2007 2022
0.78 0.56 0.26 0.38 0.23 0.36 0.37 0.40
4,22 4,74 5.19 3.38 6.01 4.64 512 3.82
8.23 9.09 8.86 8.36 1221 8.38 9.31 8.48
1.64 2,43 272 2.17 3.94 1.53 270 2.09
9.67 10,20 10,48 7.24 12,62 13.30 10,68 g.80
6.71 8.06 4.36 4,52 4,15 6.10 4,83 5.3m
277 1.34 3.55 2,15 1.12 1.12 296 1.84
5.29 5.39 7.12 8.15 4,68 577 £.30 7.29
7.73 7.72 11.93 13.94 9.68 9.69 10.63 12,19
28.58 29.24 24.74 30.14 23.33 23.87 25,33 28.87
11.21 10.96 10.87 10.46 11.29 16.07 11.02 11.55
6.09 531 511 4,91 4,70 5.50 525 5.08
7.08 4.96 4.80 4.20 6.03 3.65 551 4,22
100.00 100,00 100.00 100.00 100.00 100.00 100.00 100.00

36,472 24,493 102,573 102250 29,402 27,94p 168,447 154,689
55.06 53.82 69.35 70.08 63.64 67.25 64,29 6621
44.94 46.18 30.65 29.92 36.36 32,75 3571 33.79
100.00 100,00 100.00 100.00 100.00 100.00 100.00 100.00
83,102 51,309 158,270 152032 51,671 44,885 293,042 248246
11.88 6.01 5.20 2,39 7.17 4,77 7.44 3.57
88.12 93.99 94.80 97.61 92.83 95.23 92.56 96.43
100.00 100,00 100.00 100.00 100.00 100.00 100.00 100.00
45,756 27,615 109,760 106,544 32,883 30,185 188,397 164,350
27.55 26.33 23.86 19.00 26.52 25.08 2514 21.42
35.37 47.67 60.55 69.93 43.78 58.32 53.10 63.88
37.08 26.00 15.59 11.07 24.70 16.60 21.76 14.70
100.00 100,00 100.00 100.00 100.00 100.00 100.00 100.00
29,265 23,419 85962 85709 28,039 25,096 143,266 134,224
11.08 9.38 3.79 3.18 8.07 532 6,12 4,59
88.92 90.62 96.21 96.82 91.93 94.68 93.88 95.41
100.00 100,00 100.00 100.00 100.00 100.00 100.00 100.00
34,105 22,003 96,302 86,808 28,502 23,94 158,909 132775
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C. ACStechnology, education, and housing stock data

Distressed Affluent Other Overall

2007 2022 2007 2022 2007 2022 2007 2022
Technology Access (% of households)
With an internet subscription® 45.40 £69.27 76.99 82.04 63.21 20.64 68.08 83,12
With nointernet access® 46.82 27.39 18.51 9.12 30.86 16.75 26.52 13.99
With a mobile smar tphone* 53.55 7311 7343 2274 50.38 21.68 67.03 241,48
With acomputer® 45.77 45.70 7710 79.26 58.71 62.79 67.41 59,88
With at least 1 computing dewvice® 67.50 79.57 86.47 9364 75.24 87.94 20.58 29,92
Total Househol ds* 28,811 27,493 26,379 90,133 24,551 25433 128,741 143,059
E tion Attai (% of fon 25 I
older
Less than a high school education 31.63 17.50 15.91 6.14 25.64 14.66 21.95 10.02
High schoal diploma or GED 33.03 3807 24.39 17.44 34.32 33.93 28.54 24.68
Some college or Associates degree 25.42 31.52 26.12 24.37 24.92 28.98 2571 26.68
Bachelors degres 7.57 230 18.64 2823 9.95 13.70 14.05 21.49
Masters degree or higher 247 4,61 15.00 23.82 5.21 873 9.82 17.13
TCOTAL 100.00  100.00 100.00 100,00 100.00 100.00 100.00 100.00
Population 25 Years Old and Older B8 422 44,970 137,169 132,280 45,160 38382 250,751 215,632
Housing 5 fata (% oftotal . its)
WVacant units 28.22 32.40 18.16 11.80 20.64 17.79 21.149 17.68
Single-family detached units 48,94 26.79 41.56 26.08 45,89 42.98 4424 37.48
Single-family attached units 4,82 2.70 2.94 4,29 211 1.49 3.83 242
Multi-family units 46.08 27.84 54.23 47.64 52.07 37.07 51.74 41.12
Other-type units (mobile homes, etc.) 0.16 22.67 0.28 11.99 0.00 1847 0.18 17.98
TCOTAL 100.00  100.00 100.00 100,00 100.00 100.00 100.00 100.00
Incomplete plumbing 825 14.87 1.52 1.69 1.34 2.00 2.21 5.01
Incompleta kitchen 12.96 21.95 3.05 3.32 4.29 5.89 5.82 814
Total Housing Units 46,897 40,670 102,677 102,18 33,366 30,936 182,939 173,792

(St. Louis, continued)
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D. ACS housing unit data, owners vs. renters

Distressed Affluent Other Overall

2007 20322 2007 2022 2007 2022 2007 2022
Occupied Housing Unit Data (% of total occupied housing
units)
Percent of occupied housing units that are owner-occupied  50.15 43,69 52.15 46.06 53.38 41,87 5191 44 86
Percent of occupied housing units that are renter-occupied 49.85 56.31 47 .85 53.54 46.62 58.13 48.09 55.14
TOTAL 10000 100.00 100.00 100.00 100.00 100.00 100.00 100.00
Total Occupied Housing Units 33,664 27,483 84,101 90,133 26,478 25,433 144,242 143,059
Owner-Occupied Housing Unit Data {% of total owner-
occupied housing units)
Valued < $150,000 91.41 3392 46.33 2181 83.80 71.02 53.59 41.60
Valued 150,000 - 200,000 477 B.68 24 87 1954 9.37 1363 17.40 16.15
Valued $200,000 - $300,000 2.89 422 16.22 28.93 431 7.55 10.92 20.75
Valued $300,000 - 400,000 0.54 1.30 680 16.05 153 3.07 4.39 1113
Valued $400,000 - $500,000 0.04 0.45 2.21 5.24 0.68 231 1.43 451
Valued 500,000 and Over 0.55 341 3.57 743 0.31 242 227 5.85
TOTAL 10000 100.00 100.00 100.00 100.00 100.00 100.00 100.00
Total Owner-Occupied Housing Units 17,056 12,012 44,141 41,513 14,216 10,648 75,413 64,173
Renter-Occupied Housing Unit Data (% of total owner-
occupied housing units)
Percent of renter households that are burdened (30% of caas 5154 2110 2072 c25a 4735 2636 43.47
more of their monthly income spent on rent)
Percent of renter households that are extremely burdened 3251 2139 3149 2101 3293 3508 3619 2308
(50% of more of their monthly income spent on rent)
Total Renter-Occupied Housing Units 16,782 15,481 40,254 43,620 12,343 14,785 59,379 78,836
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E. HMDA data on loan applications, denials, and originations

HOME MORTGAGE DISCLOSURE ACT [HMDA) Distressed Affluent Other Overall
2007 2022 2007 20020 ooy 2022 2007 2022
Total Home-Purcha se Loan Applications [% of completed
home-purchase loan applications
COrigin ated 43,03 66,29 7483 91.00 57,33 56,35 2,90 58,93
Denied 44 A8 29,21 1509 5.89 3268 9.6 23.63 176
Approved, but not accepted 1243 450 1005 311 3.33 380 10,47 331
TOTAL 10000 10000 100.00 100,00 100,00 100,00 100,00 100,00
Total Home-Purcha se Loan Applications 1,169 178 4,208 2,732 1,279 654 656 3,594
Total Home-Purcha se Loan Applications for Loans Under
$150k {% of completed home purcha se lcana pplications for
loans under $150k)
Criginated 43,84 63.83 TS558 E6.49 5886 H3.86 63.78 5215
Denied 44 .66 31.21 1413 259 3.4 1237 25,52 14,04
Approved, but not accepted 1150 4.95 10,29 3.9z 9.80 317 10.70 381
TOTAL 10000 100.00 100.00 100.00 100.00 100.00 100.00 100.00
Total Home-Purchase Loan Applications, Under $150k 1,104 141 2428 459 1,123 347 4,665 7
Distressed Affluent Other Overall
2007 prare 2007 2020 2007 2007 2007 prare
Iotal Home Purchase L gan Applications for Loans $150k and
Over (% of completed home purchase loan applications for
lzans $150kand aver)
Originated 46,15 73,68 7382 91.50 46,79 59,32 F0.81 91,35
Denied 41 .54 21.62 1640 5.15 42,31 6.23 15.24 552
Approved, but not accepted 12,31 270 9.78 2% 10,30 4.45 3.%5 313
TOTAL 10000 10000 100.00 100,00 100,00 100,00 100,00 100,00
Total Home-Purchase Loan Applications, $150kand Over 74} a7 1,780 2,273 156 337 2,001 2,647
Less than $150,000 94 .0 76,27 3827 15.97 .06 4916 67,65 24,34
$150,000 to §200,000 318 16,10 2102 23.37 6.81 2703 16.60 23.78
§200,000 to $250,000 278 6.78 10.64 1503 1.51 5.5 528 16.71
$250,000 to $300,000 0.00 0.85 4,25 12,55 0.52 6.25 321 11.26
£300,000 to §350,000 0.00 C.00 222 1058 0.14 4,22 1.62 S.01
£350,000 to $400,000 0.00 Q.00 1.27 664 0.27 203 0.56 234
£400,000 to §450,000 0.00 000 0,89 3.70 0.00 0,54 0.64 304
$450,000 to §500,000 Q.00 Q.00 0.16 229 Q.00 051 011 1.88
$500,00 and Cwver 0.00 C.00 1.24 547 0.00 1.01 0,85 444
hissing 0.00 C.00 0.00 000 0.00 000 0.00 0.00
TOTAL 10000 10000 100.00 100,00 100,00 100,00 100,00 100,00
Total Originated Home-Purchase Loans 503 118 3,149 2486 734 592 4,386 3,196
COrigin ated 24 .45 12,37 39,74 37.73 27.54 36,36 31.44 35,18
Denied 66,76 54,54 5143 3814 61.08 63.64 55,28 61.57
Approved, but not accepted 373 303 383 4.13 11.33 Q.00 3.23 324
TOTAL 10000 10000 100.00 100,00 100,00 100,00 100,00 100,00
Total Home-Improvement Loan Applications ] 1z 355 97 167 22 285 75
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F. CoreLogic data on housing sales and prices

CORELOGIC

Housing Affordability

Fair Market Price for the Average Home (3)
Percentage change, 2007-2020

Per capita income (ACS data)
Percentage chonge, 2007-2020

Yrs. to Purchase Home (Awa, area price/per cap. incorme)

Percentage change, 2007-2020)

Fair hMarket Price Per Square foot (3)
Percentage chonge, 2007-2020

Homes Bought/Sold (% of all homes bought/sold)

Less than $200,000

$200,000 to $250,000

$250,000 to $300,000

$300,000 to $350,000

$350,000 to $400,000

$400,000 to $450,000

$450,000 to $500,000

SE00,000 and Over

Missing Sale Amount (3) Information
TOTAL

Boughtwith cash
Boughtwith rmortgage
Unknown

TOTAL

Bought by a business

Bought by a non-business (Person, or couple)
Unkrown

TOTAL

Buyer will not occupy
Buyer will occupy
Unknown

TOTAL

Total Homes Bought/Sold

(St. Louis, continued)

Distressed Affluent Other Overall
2007 2022 2007 2022 2007 2022 2007 2022
54655 52,441 163,754 247,320 92777 133606 126,800 102,982

£1% 51.0% 24.09% 52.2%
413,212 T$21,045  $25,003 445,744  S15576  $26,775 410,864 936722
58.3% 85.0% 71.9% 84.9%
414 " 249 6.55 5.41 5.96 499 638 | 526
-30.6% -17.4% 1629 2779
374 3475 10931 16510 B560 93,22 8581 12967
1.5% 51.0% 42.1% 51.1%
45,46 6232 47.27 3782 S6.97 66,89 4882 4913
028 04l 620 1409 0.89 558 259 a6l
011 014 331 1062 034 268 1.88 657
005 014 1.56 7.5 0.21 211 0.90 4.94
000 000 0.95 551 0.00 1.03 051 3.47
0 007 0.85 368 014 040 0.48 227
000 000 0.24 202 0.07 .40 014 128
000 055 130 6.40 0.13 114 073 412
5400 3538 3831 1230 4175 1977 4295 1831
10000 10000 10000 10000  100.00 10000  100.00 100,00
s2e7  7e.4l 2858 3066 %17 4547 3662 4293
4585 2111 7129 6932 5362 5453 6319 56,97
028 048 013 0.02 0.21 .00 019 0.10
10000 10000 10000 10000  100.00 10000  100.00 100,00
2966 50.07 2052 26.95 2099 4473 2482 3528
7034 49.93 7948 73.05 7001 5527 7518 64T
000 000 0.00 0.00 0.00 0.00 0.00 0.00
10000 100.00  100.00 10000  100.00 100.00  100.00 100,00
s492 7725 3338 3328 4557 54,81 4142 4930
012 1872 6501 5970 s1es 4011 5588 4762
495 403 164 202 2.75 507 272 2.08
10000 10000 400.00 10000 10000 10000 10000 100.00
1,797 1,464 3772 4593 1,457 1,755 7,026 7812
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Appendix E. Racial Composition, Per Capita Income, and Mortgage Denial Rates

These maps serve to give an overview along the lines of racial composition, income per
capita, and denial rates of loan applications. St. Louis is the most strongly divided along
these lines, with the highest degree of racial segregation. The northern area of St. Louis
has high percentages of Black residents, along with some of the lowest per capita
incomes and markedly higher mortgage denial rates. The other cities have a less
obvious connection among the three variables.

A. Percentage of the Population that is Non-Hispanic Black

Percent of the Population that is Non-Hispanic Black in Philadelphia County Census Tracts in 2022
L —
100

https://datawrapper.dwcdn.net/5GC7B/2/
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Percent of the Population that is Non-Hispanic Black in Philadelphia
County Census Tracts in 2022
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Map: Craig J. Richardson Consulting, LLC - Source: American Community Survey (ACS) 2022 5-Year Estimates - Get the data

https://datawrapper.dwcdn.net/a8zu6/2/

Percent of the Population that is Non-Hispanic Black in St. Louis city County Census Tracts in 2022
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Map: Craig J. Richardson Consulting, LLC - Source: American Community Survey (ACS) 5-Year Estimates 2018-2022 - Get the data

https://datawrapper.dwcdn.net/oeK50/2/
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B. Income Per Capita, 2022

Income Per Capita in El Paso County Census Tracts in 2022

8466 65377

Map: Craig J. Richardson Consulting, LLC - Source: Ameri i y 5-Year Esti

https://datawrapper.dwcdn.net/MmS9uU/1/

Income Per Capita in Philadelphia County Census Tracts in 2022
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Map: Craig J. Ri¢ ing, LLC - Source: Ameri it y (ACS) 2022 5-Year Estimates - Get the data

https://datawrapper.dwcdn.net/X1Gqgr/2/
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Income Per Capita in St. Louis city County Census Tracts in 2022

B
12642 87,381

Map: Craig J. Richardson Consulting, LLC - Source: American Communi ity Survey (ACS) 5-Year Estimates 2018-2022 - Get the data

https://datawrapper.dwcdn.net/2kChby/2/

C. Percentage of completed loan applications denied in 2022

Percent of Completed Loan Applications Denied in El Paso County Census Tracts in 2022

Loan applications for the purpose of buying a home 1o occupy as a primary residence

0 100

,-%
1

Map: Craig J. Richardson Consuiting. LLC - Source: Home Mortaaoe Disclasure Act (HMDA) Data - Created with Datawrapper

https://datawrapper.dwcdn.net/w7bdS/2/
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Percent of Completed Loan Applications Denied in Philadelphia County Census Tracts in 2022
Loan applications for the purpose of buying a home to occupy as a primary residence

B
0 66.67

Map: Craiq J. Richardson Consulting LLC « Source: Home Mortaage Disclosure Act (HMDA) Data - Get the data - Created with Datawrapper

https://datawrapper.dwcdn.net/VVgSNp/2/

Percent of Completed Loan Applications Denied in St. Louis Census Tracts in 2022
Loan applications for the purpose of buying a home 1o occupy as a primary residence
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Map: Craig J. Richardson Consulting, LLC + Source: Home Mortgage Disclosure Act (HMDA) Data - Get the data - Created with Datawrapper

https://datawrapper.dwcdn.net/uJy2a/2/
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